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Social Capital, Corporate Reporting Culture, and Accounting Conservatism 

ABSTRACT 

We investigate the association between social capital and accounting 

conservatism. We argue that social capital, as measured by the strength of civic 

norms and density of social networks in a community, positively influences 

accounting conservatism by mitigating negative externalities and fostering an 

environment of transparency. Consistent with these arguments, we find that 

firms headquartered in regions with higher levels of social capital display lower 

levels of financial reporting opacity and engage in more conservative 

accounting practices. Furthermore, we demonstrate that firms in high social 

capital regions also prefer hiring managers with proven records of transparent 

reporting and conservative accounting. Consequently, the managerial tendency 

to delay recognition of bad news, use ambiguous reporting language, and write-

off assets decreases. This social capital-induced transparent financial reporting 

ultimately improves firms’ information environment: analyst forecast accuracy 

is higher and idiosyncratic volatility and firm risk are lower. 

JEL Classification: M14, M41, G3 

Keywords: Social capital, financial reporting transparency, accounting 

conservatism, corporate reporting culture, firm risk 

 

Data Availability: Data are available from the sources cited in the text. Data 

on social capital is available at: https://aese.psu.edu/nercrd/community/social-

capital-resources 
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I. INTRODUCTION 

Social capital, which is a combination of civic norms and density of associational networks 

that lead to cooperation in a community (Guiso et al. 2011), can reduce norm-deviant behavior 

among managers of local firms. We study whether the level of social capital surrounding firms’ 

headquarters influences firm-level corporate reporting culture in the form of accounting 

conservatism.1 Social capital can affect accounting conservatism directly by increasing 

managerial conformism and indirectly by encouraging boards to hire honest managers. We find 

empirical evidence supporting these conjectures and show that firms in counties with high 

social capital are less likely to display financial reporting opacity and delay recognition of bad 

news, which ultimately improves the information environment for their stocks. 

Previous research in economics and sociology claim that social capital influences social 

and economic behavior (Buonanno et al. 2009; Fukuyama 1995; Guiso et al. 2004; Knack and 

Keefer 1997; Putnam 2001). Communities characterized by higher levels of social capital 

exhibit social cohesion and mutual trust that result in cooperative norms (Guiso et al. 2011). 

This mutual trust and cooperative norms help reduce information frictions, thereby lowering 

the transaction costs (Knack and Keefer 1997). Density of social networks further assists in 

enforcing contractual obligations and limiting opportunistic behavior in transactions (Coleman 

1988; Spagnolo 1999). 

In addition, social capital surrounding the headquarters of a firm reportedly reduces norm-

deviant behavior among managers regarding tax avoidance (Hasan et al. 2017a), major 

financial fraud (Jha 2019), and other managerial agency issues (Hoi et al. 2019). Such firms 

pay lower audit fees (Jha and Chen 2015), demonstrate more corporate social responsibility 

(Hoi et al. 2018; Jha and Cox 2015), and use resources more efficiently (Gao et al. 2021). We 

 
1 Although we mainly measure corporate reporting culture using accounting conservatism, in additional analyses, 

we also test other aspects of reporting culture such as analyst forecast errors, asset write-offs, and financial 

statement readability. 
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extend this literature by studying how social capital affects accounting conservatism in local 

firms. 

If firms prefer hiring their employees, managers, and directors from the local pool of talent 

(Knyazeva et al. 2013; Yonker 2017a, 2017b), then corporate culture and employees’ 

preferences should be harmonious, largely reflecting local societal norms (Hilary and Hui 

2009). Since opaque corporate reporting culture deviates from the locally accepted norms of 

transparency in high social capital regions, we expect firms located in such communities to 

display more transparent financial reporting. 

Furthermore, according to the upper-echelon theory (Hambrick and Mason 1984), an 

organization’s outcomes tend to reflect the values and cognitive biases of its leaders. Prior 

empirical evidence finds consistent results with this notion, showing that the behavior of senior 

managers heavily influence corporate culture (Biggerstaff et al. 2015; Davidson et al. 2015; 

Graham et al. 2017). We therefore hypothesize that if a corporate board wants to establish a 

culture of transparent reporting and conservative accounting within its firm, it can do so by 

hiring honest and conservative managers. Thus, we expect firms located in areas with high 

social capital to hire managers with established records of transparency. The norm-consistent 

behavior is likely to propagate throughout the organization, and we therefore expect to see 

lower levels of reporting opacity after hiring such managers. Put differently, local social capital 

norms may be reflected firm-CEO matching outcomes. 

We test our hypotheses about the relationship between social capital and corporate 

reporting culture using three main measures of accounting conservatism. For our first measure, 

we calculate firm-level reporting transparency. Prior literature shows that higher accounting 

quality (lower earnings manipulation) results in greater transparency (Maffett 2012). We 

therefore follow Hutton et al. (2009) and use the three-year moving sum of the absolute value 

of annual discretionary accruals. We multiply this measure with negative one so larger values 
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indicate higher reporting transparency. This measure not only captures the level of financial 

reporting transparency but also encompasses the notion of unconditional accounting 

conservatism.2 As our second conservatism measure, we use the firm-specific intercept from a 

regression of book-to-market ratio on current and lagged returns estimated with firm and year 

indicators (Hui et al. 2009). Ryan (1995) and Beaver and Ryan (2000) argue that market-to-

book ratio captures both conservatism and timely recognition. Finally, Basu (1997) argues that 

firms incorporating bad news into their earnings more swiftly than good news are more 

conservative and vice versa. To capture this type of conditional conservatism, we calculate the 

firm-year measure of conservatism as in Khan and Watts (2009). 

To measure social capital, we follow the previous literature and use county-level social 

capital based on data from Northeast Regional Center for Rural Development (NRCRD) at 

Pennsylvania State University. The data includes a construct of social capital using civic norms 

and the density of social networks in U.S. counties, where civic norms are nonreligious social 

norms that emphasize socially responsible behavior. The measure includes membership in 

associations, participation in elections, nonprofit activities, and surveys. Because other factors 

such as population, religiosity, income, etc. are likely to influence the local social capital 

measure, we use several county-level demographics in our empirical models to isolate the 

effect of social capital on accounting conservatism. We also control for several firm attributes 

that may influence accounting conservatism. Additionally, we include industry-year fixed 

effects to control for time-varying industry heterogeneity. 

Using a sample of over 51,187 firm-year observations over 1997-2018, we find a positive 

relationship between social capital and the three types of accounting conservatism. The 

estimated relationship is statically significant in all specifications. The results are robust to the 

 
2 Givoly and Hayn (2000), for example, argue that conservative accounting speeds up the recognition of losses 

over gains, consequently resulting in persistently negative accruals. Our results remain unchanged if we use the 

total accruals measure of Givoly and Hayn (2000). However, since total accruals are comprised of both 

discretionary and non-discretionary accruals, we present results based only on the discretionary aspect. 
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inclusion of county-level religiosity and several other demographics. Overall, these findings 

are consistent with our hypothesis that high social capital regions enforce local norm-

consistency through the power of the community. 

To improve the causal identification of our tests, we use two specifications. First, we 

estimate instrumental variable (IV) regressions and proxy for social capital using two 

instruments: distance to the Canadian border and life expectancy. Putnam (2001) argues that 

distance to the Canadian border is the single best predictor of the level of social capital in the 

U.S. Since people in the southern states were subjected to higher levels of slavery, which is 

institutionally introduced to destroy social capital, states closer to the Canadian border are 

likely to have higher levels of social capital. Similarly, sociologists, starting with Emile 

Durkheim in the late 1880s, have long argued that the disruptions in social cohesion caused by 

modern life are positively correlated with mortality rates, including self-destructive behaviors 

and suicide. Relatively recent studies in public health and sociology confirm these findings. 

For instance, Kawachi et al. (1997) show that social capital positively influences health and 

improves life expectancy. We therefore expect a negative (positive) relationship between 

distance to the Canadian border (life expectancy) and county-level social capital. Arguably, 

these instruments also satisfy the exclusivity assumption because, a priori, there is no reason 

for firms in counties closer to the northern border or with higher life expectancies to also have 

higher accounting conservatism. With these regressions, we again find a positive relationship 

between the predicted measure of social capital and accounting conservatism. 

In our second specification, we employ propensity score matching (see, Caliendo and 

Kopeinig 2008). We divide our sample into high and low social capital firms based on the level 

of social capital in their headquarter location. The propensity-score matched sample has the 

advantage of controlling for observable firm characteristics which may be driving our results. 
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Our one-to-one match without replacement and a caliper of 0.01 gives a sample of 17,280 firm-

year observations. Using this specification does not alter our main inferences. 

To further alleviate concerns regarding measurement error, we re-estimate our main 

regressions using alternative proxies of social capital. First, our measure of social capital is 

only available in some years and we backfill the data for the remaining years using the most 

recent values. Since such interpolation can lead to measurement bias, we estimate our main 

regression models using only the years for which we have available data on social capital (i.e. 

1997, 2005, 2009, 2014). Alternatively, since social capital can change over time, we also 

calculate a linearly interpolated social capital measure. Third, we measure social capital with 

an entirely different metric – organ donation per capita. Using these alternative specifications 

does not alter our main inferences. Finally, to further address endogeneity concerns and 

measurement errors, we deploy headquarters relocations as a potential exogenous variation in 

social capital. We show that firms that move their headquarters from a low social capital region 

to a high social capital region see an increase in their accounting conservatism relative to a 

group of firms that move from high social capital to low social capital regions. 

In additional analyses, we also employ several other proxies for corporate reporting 

transparency and culture. For our first measure, we use analyst forecast accuracy (Lang et al. 

2012; Zhong 2018). Prior research argues that analyst forecast accuracy reflects corporate 

reporting transparency by capturing both information acquisition costs and disclosure policies 

(Lang and Lundholm 1996). Using this measure, we show that firms headquartered in high 

social capital regions have lower mean analyst forecast errors. 

Prior research in accounting indicates that managers accelerate the release of good news 

and withhold bad news (information withholding) until some threshold is reached, at which 

point the bad news is released (Kothari et al. 2009). In extreme cases, this results in large, 
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nonrecurring charges known as “big baths” (Haggard et al. 2015).3 Due to the aforementioned 

effects of social capital on accounting conservatism, we expect to see fewer incidences of 

information withholding among firms in counties with high social capital. We therefore also 

investigate whether social capital reduces the probability of sudden information release (“big 

baths”) by regressing large negative asset write-offs on social capital and other firm- and 

county-level control variables. We find that firms headquartered in counties with high social 

capital have significantly lower asset write-offs. This implies that information withholding is 

not a major issue in these firms. 

Loughran and McDonald (2014) show that readability and other textual properties of 

financial reports provide the market with value-relevant information. More recently, Ertugrul 

et al. (2017) show that readability and tone ambiguity in corporate disclosures is related to 

managerial information hoarding, ultimately leading to higher costs of external capital and 

stricter loan contract terms. We therefore test whether report readability is different for firms 

in high social capital counties and find that firms in regions with high social capital have a 

lower tendency to use ambiguous language in their 10-K reports. Using ambiguous word use, 

file size, and Bog Index (see, Bonsall et al. 2017), we find that firms headquartered in high 

social capital regions use less ambiguous language and have more readable financial reports. 

This further suggests that social capital mitigates opportunistic behavior. 

We next pinpoint the channels (the mechanisms) through which a county’s social capital 

affects a firm’s conservatism. We focus on managerial hiring decisions for executive boards 

(firm-manager matches). We first calculate the level of accounting conservatism for each firm 

and then analyze each CEO turnover event during our sampling period and determine whether 

 
3 The term “big bath” usually refers to major asset write-downs or other nonrecurring charges. Elliott and Hanna 

(1996) and Francis, Hanna, and Vincent (1996) analyze the earnings-related motives behind major asset write-

offs. Moore (1973) claims that “taking a bath” alters the firm’s profitability benchmarks (e.g., shrinks assets) and 

increases future earnings by removing future losses from future income statements. Thus, it is a drastic measure 

for managers. It involves opportunistic timing (of the asset write-offs) and sudden information releases that come 

with such actions. 
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the new CEO was previously a top executive at another firm. After removing missing data, we 

find 262 such cases for CEOs. We then follow the methodology in Bouwman (2011) and 

randomly assign 999 executives to each of these cases as potential candidates who were not 

hired. Controlling for several other determinants of the hiring decision, we find that the 

probability of employing a conservative CEO increases with the level of social capital 

surrounding the headquarters of the hiring firm. Thus, firms in counties with high social capital 

prefer to hire managers who were exposed to accounting conservatism in their previous jobs.4 

A better information environment around a firm, and the associated conservative 

accounting, eventually reduce firm risk. Indeed, we report that firms in counties with high 

social capital have lower stock return volatility and idiosyncratic volatility, and lower standard 

deviation of return-on-assets (ROA).5 To establish the link between social capital, corporate 

reporting culture, and firm-level risk, we build a structural equation model and estimate the 

mediation effect of social capital-induced accounting conservatism on firm risk. We find that 

social capital-induced accounting conservatism has a statistically and economically significant 

effect on firm risk. All of these results suggest that social capital reduces information 

asymmetry between firms and markets by improving corporate reporting culture, which then 

alleviates firm risk. 

We make several distinct contributions to the literature. First, we extend the accounting 

conservatism literature and empirically show that civic norms and the density of social 

networks surrounding a firm’s headquarters negatively influence the managerial tendency to 

delay the recognition of bad news. This is consistent with previous corporate finance literature 

on social capital’s mitigation of norm-deviant behavior. We also show that social capital-

induced accounting conservatism leads to several previously undocumented positive 

 
4 Alternatively, in Table 7, we also show that firms in counties with high social capital tend to hire executives 

who are born or raised in regions with high social capital. This evidence further suggests that local norms, 

corporate culture, and employee preferences are harmonious (Hilary and Hui 2009). 
5 Using standard deviation of cash flows or EBITDA instead of earnings, does not alter our results. 
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externalities. Further, we provide evidence on how social capital influences corporate boards 

in their decisions to hire conservative managers. Accordingly, we establish a mechanism 

through which social capital changes a firm’s accounting conservatism. Although many studies 

in this field conjecture that social capital affects managerial behavior, we provide evidence of 

a concrete channel of impact through which social capital influences the board’s choice of top 

managers, which consequently reduces norm-deviant behavior in the firm.  

II. PRIOR LITERATURE AND HYPOTHESIS DEVELOPMENT 

The Contractual Benefits of Accounting Conservatism 

Accounting conservatism is one of the most influential principles of valuation in accounting 

(Sterling 1979). It reflects various managerial approaches toward accounting and corporate 

polices. Basu (1997) and Givoly and Hayn (2000) demonstrate that accounting conservatism 

encompasses the notion of timely recognition of unfavorable events (“bad news”) and delayed 

recognition of favorable events (“good news”). Watts (2003) contends that accounting 

conservatism is an efficient mechanism between different contracting parties and the absence 

of conservatism can change managerial behavior and induce significant costs for investors. 

Consistent with this claim, Ahmed et al. (2002) report that accounting conservatism helps 

mitigate bondholder-shareholder conflicts over dividend policy and reduces cost of debt. 

Conditional conservatism (asymmetric timeliness of reporting bad news) improves the 

precision of reporting unfavorable events, ultimately reducing cost of equity (García Lara et al. 

2011). 

Watts (2003) and Ball and Shivakumar (2005) contend that conservative accounting 

practices inhibit managers from investing in negative net present value projects. García Lara et 

al. (2016) further argue that due to lower of cost of capital and debt-equity conflicts, firms with 

higher accounting conservatism have enhanced investment efficiency. Kravet (2014) extends 

this line of reasoning and provides empirical evidence for the negative association between 
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accounting conservatism and managerial risk-taking. While conservatism limits excessive risk-

taking, it is positively associated with more profitable acquisitions (Francis and Martin 2010). 

Besides the contractual benefits, findings of García Lara et al. (2014) indicate that 

accounting conservatism also has positive consequences for the company’s information 

environment and its stock price. Kim and Zhang (2016) find that accounting conservatism 

reduces stock price crash risk and improves the informativeness of stock prices. Firms with 

conservative accounting also experience fewer negative market reactions to seasoned equity 

offering announcements (Kim et al., 2013). 

Social Capital and The Demand for Accounting Conservatism 

Given the contractual and stock price benefits of accounting conservatism and as a response to 

mitigate agency problems, debtholders, shareholders, and internal monitors increase the need 

for conservative accounting (Watts 2003). For example, Zhang (2008) shows that lenders offer 

more favorable contractual terms to conservative borrowers. Ahmed and Duellman (2007) and 

García Lara et al. (2009) find that the proportion of outside directors is associated with higher 

accounting conservatism. Ramalingegowda and Yu (2012) find empirical evidence suggesting 

a positive link between large institutional investors and the demand for accounting 

conservatism. Hui et al. (2012) argue that suppliers and customers, particularly those with 

bargaining powers, are also able to influence the degree of conservatism in reporting. At its 

core, the demand for conservative accounting stretches from the notion of meeting contractual 

obligations and prohibiting delay in recognition of bad news. 

Sociological evidence suggests that social capital, in the form of civic norms and density 

of social networks, results in cooperation among individuals (Guiso et al. 2011). These 

“cooperative norms” limit decisions based on narrow self-interest (Knack and Keefer 1997) 

and reduce opportunistic behaviors in transactions (Coleman 1988). Societies with higher 

levels of social capital exhibit greater mutual trust and are characterized for having better 
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contract enforceability through the power of the community (Portes 1998). Dense associational 

networks within a community also lead to more effective oversight mechanisms (Coleman 

1988; Spagnolo 1999). 

With higher levels of trust and greater contract enforceability, communities with enhanced 

social capital are expected to incur lower transaction costs (Knack and Keefer 1997). 

Consistent with this argument, recent studies in accounting and finance show that firms 

headquartered in high social capital regions in the U.S. have relatively lower transaction costs. 

For instance, Hasan et al. (2017b) show that firms in high social capital counties incur lower 

bank loan spreads. Similarly, Jha and Chen (2015) report that firms located in high social 

capital counties have lower audit fees due to their perceived trustworthiness. 

We argue that since the demand for accounting conservatism originates from larger 

information asymmetries between contracting parties (LaFond and Watts 2008), social capital 

is likely to reduce such information asymmetries by fostering an environment of mutual trust 

and transparency. Furthermore, extant literature shows that social capital acts as a vital factor 

in limiting several norm-deviant corporate behaviors (such as tax avoidance and corporate 

fraud) that can have negative externalities for the society (Hasan et al. 2017a; Jha 2019). Since 

delay in recognition of bad news and manipulation of earnings (lower accounting 

conservatism) can be detrimental to the shareholders and debtholders, we expect firms in high 

social capital regions to act less opportunistically. Based on these arguments, we state our first 

hypothesis as follows: 

H1: Firms headquartered in high social capital regions have more transparent 

financial reports and engage in more conservative accounting compared to firms 

headquartered in low social capital regions. 
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Social Capital and Management Hiring Decisions 

The overarching argument in how external societal norms infiltrate internal corporate norms 

and influence decisions is presented based on the tenets of social identity theory (Hogg and 

Abrams 2006; Tajfel 1981) and social norm theory (Elster 1989; Olson 1965; Opp 1979). Based 

on social identity theory, individuals adopt to and internalize societal norms and values of their 

environments. Such norms are then sustained, based on social norm theory, to reduce negative 

externalities (Rost and Weibel 2013). Therefore, our first hypothesis (H1) implicitly assumes 

that the preferences of managers, directors, and employees of the firm and corporate culture 

are aligned and reflective of the greater societal norms.6 There is evidence that firms have a 

preference for local talent pool when hiring managers (Yonker 2017a), directors (Knyazeva et 

al. 2013), and employees (Yonker 2017b). However, we argue that social capital also affects 

the board in making management hiring decisions. More specifically, we contend that since 

the board is likely to comprise of directors who value local cooperative norms, boards in high 

social capital regions are more likely to hire honest and trustworthy managers. Thus, we state 

our second hypothesis as follows: 

H2: Firms headquartered in high social capital regions have higher preference for 

hiring managers with a proven record of conservatism compared to firms 

headquartered in low social capital regions. 

Social Capital and Stock Price Informativeness 

We contend that since higher accounting conservatism mitigates firm risk by reducing 

information asymmetries between managers and shareholders (LaFond and Watts 2008), firms 

headquartered in high social capital regions should have lower total and idiosyncratic risk. 

Social capital should negate opportunistic behavior, which ultimately translates into more 

 
6 Several prior studies examining the influence of social factors on corporate decisions and outcomes make this 

implicit assumption (see, e.g., Callen and Fang 2015; Hilary and Hui 2009; McGuire et al. 2012; Jha et al. (2021)). 
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transparent financial reporting environment. Such transparent financial reporting is previously 

shown to positively influence stock price informativeness and reduce risk (Dasgupta, Gan, and 

Gao, 2010; García Lara et al., 2014; Kim and Zhang, 2016). Therefore, our third hypothesis is: 

H3: Firms headquartered in high social capital regions have lower total and 

idiosyncratic risk compared to firms headquartered in low social capital regions. 

III. DATA, SAMPLE SELECTION, AND METHODOLOGY 

Measures of Accounting Conservatism 

We test our hypotheses by comparing the levels of accounting conservatism among firms in 

areas with low and high social capital. To alleviate concerns regarding measurement error and 

capture different facets of accounting conservatism, we employ three different measures of 

conditional and unconditional conservatism. Our fourth measure is based on the average decile 

ranks of the three measures in each year. As a final specification, we also estimate the Basu’s 

(1997) asymmetric timeliness model. Next few subsections provide more details. 

Accruals Measure of Transparency 

Our first measure is based on the magnitude of discretionary accruals over time as Givoly and 

Hayn (2000) propose. They argue that a conservative firm chooses accounting practices that 

recognize expenses more swiftly than revenues and that value assets lower than liabilities, 

thereby minimizing cumulative reported earnings. Furthermore, prior literature shows that 

higher accounting quality (lower earnings manipulation) results in greater transparency 

(Maffett 2012). We therefore follow Hutton et al. (2009) and use the three-year moving sum 

of the absolute value of annual discretionary accruals. Where discretionary accruals is the 

absolute value of residuals from the modified Jones model (Dechow et al. 1995), estimated for 
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each industry-year combination separately.7 We multiply this measure with negative one and 

call it TRANSPARENT. 

Market Measure of Conservatism 

Our second conservatism measure is the firm-specific intercept obtained from a regression 

of book-to-market ratio on current and lagged annual returns. Beaver and Ryan (2000) argue 

that book-to-market ratio (BTM) has two components – a bias component and a lag component. 

With a simple decomposition and through a series of tests, they find that the bias component 

of BTM is more persistent over time and captures conservatism as well as the asymmetric 

timeliness of bad news. We follow their decomposition methodology and estimate BTM as a 

function of annual current and lagged returns as well as firm and time fixed effects. Lag returns 

are for each of the previous six years. The regression specification is given in Eq. (1).  

𝐵𝑇𝑀𝑡,𝑖 = 𝛼𝑡 + 𝛼𝑖 + ∑ 𝛽𝑗𝑅𝑡−𝑗,𝑖

6

𝑗=0

+ 휀𝑡,𝑖 
(1) 

where BTM is the book-to-market ratio, αt is the time-specific and αi is the firm-specific 

intercept, and R is the annual return. Following Hui et al. (2009), the firm-specific intercept 

(αi) multiplied with -1 serves as our second measure of accounting conservatism, CONSMKT.8 

Firm-year Conservatism Score 

For our final measure, we calculate, CSCORE, the firm-year measure of conservatism (Khan 

and Watts 2009). CSCORE is one of the most widely used measures of accounting 

conservatism (see, e.g., Ahmed and Duellman, 2013; Kim and Zhang, 2016) and captures 

conditional conservatism based on the specification in Basu’s (1997) model, presented in Eq. 

(2). Khan and Watts (2009) estimate timeliness of good news (GSCORE) and bad news 

 
7 Industries are defined at the two-digit standard industry classification (SIC) codes. 
8 Roychowdhury and Watts (2007) empirically test the relation between the asymmetric timeliness of earnings 

and market-to-book ratio and find that over longer horizons they relate positively to each other. The market 

measure is widely used by the prior literature to capture accounting conservatism (see for instance, Ahmed et al. 

2002; Ahmed and Duellman 2007; B. Francis et al. 2015; Hui et al. 2009). 
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(CSCORE) and show that accounting conservatism increases with an increase in CSCORE. The 

scores are estimated as follows: 

𝐸𝑇𝑃𝑡 = 𝛽1 + 𝛽2𝑁𝐸𝐺𝑡 + 𝛽3𝑅𝐸𝑇𝑈𝑅𝑁𝑡 + 𝛽4𝑁𝐸𝐺𝑡 × 𝑅𝐸𝑇𝑈𝑅𝑁𝑡 + 휀 (2) 

𝐺𝑆𝐶𝑂𝑅𝐸𝑡 = 𝛽3 = 𝜇1 + 𝜇2𝑀𝑉𝑡 + 𝜇3𝑀𝑇𝐵𝑡 + 𝜇4𝐿𝐸𝑉𝐸𝑅𝐴𝐺𝐸𝑡 (3) 

𝐶𝑆𝐶𝑂𝑅𝐸𝑡 = 𝛽4 = 𝜆1 + 𝜆2𝑀𝑉𝑡 + 𝜆3𝑀𝑇𝐵𝑡 + 𝜆4𝐿𝐸𝑉𝐸𝑅𝐴𝐺𝐸𝑡 (4) 

where ETP is net income before extraordinary items divided by market value of equity at the 

beginning of the fiscal year. NEG equals one if RETURN is negative, and zero otherwise. 

RETURN is the raw annual buy and hold return beginning three months after the prior fiscal 

year end. MV is natural logarithm of market value of equity, MTB is the market-to-book ratio, 

and LEVERAGE is long-term debt plus short-term debt divided by total assets.9 Substituting β3 

and β4 with equations (3) and (4) into regression equation (1) yields: 

𝐸𝑇𝑃𝑡 = 𝛽1 + 𝛽2𝑁𝐸𝐺𝑡 + 𝑅𝐸𝑇𝑈𝑅𝑁𝑡 × (𝜇1 + 𝜇2𝑀𝑉𝑡 + 𝜇3𝑀𝑇𝐵𝑡 + 𝜇4𝐿𝐸𝑉𝐸𝑅𝐴𝐺𝐸𝑡)

+ 𝑁𝐸𝐺𝑡 × 𝑅𝐸𝑇𝑈𝑅𝑁𝑡 × (𝜆1 + 𝜆2𝑀𝑉𝑡 + 𝜆3𝑀𝑇𝐵𝑡 + 𝜆4𝐿𝐸𝑉𝐸𝑅𝐴𝐺𝐸𝑡)

+ (𝛿1𝑀𝑉𝑡 + 𝛿2𝑀𝑇𝐵𝑡 + 𝛿3𝐿𝐸𝑉𝐸𝑅𝐴𝐺𝐸𝑡 + 𝛿4𝑁𝐸𝐺𝑡 × 𝑀𝑉𝑡

+ 𝛿5𝑁𝐸𝐺𝑡 × 𝑀𝑇𝐵𝑡 + 𝛿6𝑁𝐸𝐺𝑡 × 𝐿𝐸𝑉𝐸𝑅𝐴𝐺𝐸𝑡) + 휀 

(5) 

We estimate equation (5) using annual cross-sectional regressions. We then apply the 

estimates from equation (5) to equation (4) and obtain the firm-specific asymmetric timeliness 

measure of conditional conservatism.10 

Aggregate Measure 

Since our measures capture different aspects of accounting conservatism, we also use an 

aggregate measure. To create the aggregate measure, we first create annual decile ranks of each 

of our three measures. We then calculate an equal weighted average of the decile ranks across 

 
9 As Khan and Watts (2009) point out, equations (2) and (3) are not regression equations. 
10 Following  Khan and Watts (2009), we exclude firms in the top and bottom percentiles of earnings, size, market-

to-book, and leverage. 



15 Afzali, M., Colak, G., Hasan, I., Martikainen M. (2021) 

all three measures and use it as our fourth measure. Alternatively, using the first principal 

component score based on our three measures does not alter our main results.11 

Basu’s (1997) Asymmetric Timeliness Model 

While we calculate the firm-year measure of conservatism, to reduce measurement error, we 

also estimate Basu’s (1997) asymmetric timeliness model. Despite some criticism (Dietrich et 

al. 2007; Givoly et al. 2007; Patatoukas and Thomas 2011), the asymmetric timeliness model 

captures accounting conservatism when it is present (Ball et al. 2013; Ettredge et al. 2012). The 

Basu (1997) model is presented in Eq. (2). Following LaFond and Watts (2008) and Khan and 

Watts (2009), we include SIZE, MTB, LEV, as well as the indicator variable LITIGATION and 

their interactions with NEG and RETURN as additional control variables.12 

Measure of Social Capital 

To capture social capital, denoted as SCAPITAL, we follow the previous literature in corporate 

finance and use county-level social capital based on data from the Northeast Regional Center 

for Rural Development (NRCRD) at Pennsylvania State University. The data includes a 

construct of social capital using civic norms and density of social networks in U.S. counties, 

where civic norms are nonreligious social norms that emphasize socially responsible behavior. 

The measure includes membership in associations, as well as participation in elections, 

nonprofit activities, and surveys. More specifically, we use the first principal component from 

a factor analysis based on voter turnout in presidential elections (PVOTE), response rates to 

U.S. Census surveys (RESPN), the total number of nonprofit organizations (NCCS), and the 

 
11 Besides these three measures of conservatism, we also calculate the skewness of earnings to cashflows as 

suggested in Givoly and Hayn (2000) and estimated in Zhang (2008) and conservatism score based on inventory, 

R&D, and advertisement reserves (Penman and Zhang 2002). Our baseline results remain unchanged when 

deploying these alternative measures. 
12 We exclude county-level demographics from this estimation for brevity and to avoid potential econometric 

issues involving interactions of several correlated variables. However, including these additional controls and 

their interactions with NEG and RETURN, does not change our results. 
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total number of 10 types of social organizations for all U.S. counties (ASSN).13 Because the 

NRCRD data is for 1997, 2005, 2009, and 2014, we follow Hasan et al. (2017a), among others, 

and back-fill data using estimates in the preceding year in which the data is available. For 

instance, we fill missing data for SCAPITAL from 2006 to 2008 using the SCAPITAL estimate 

in 2005. Alternatively, as a robustness check, we also use linearly interpolated values of 

SCAPITAL for missing years.14 

Empirical Model 

Using our three measures of accounting conservatism, we estimate Eq. (6) cross-sectionally 

over the period 1997-2018. 

𝐶𝑂𝑁𝑆𝑡 = 𝛽0 + 𝛽1𝑆𝐶𝐴𝑃𝐼𝑇𝐴𝐿𝑡 + 𝛽2𝑆𝐼𝑍𝐸𝑡 + 𝛽3𝑀𝑇𝐵𝑡 + 𝛽4𝐿𝐸𝑉𝐸𝑅𝐴𝐺𝐸𝑡

+ 𝛽5𝑆𝐴𝐿𝐸𝑆𝐺𝑅𝑂𝑊𝑇𝐻𝑡 + 𝛽6𝑅&𝐷𝑡 + 𝛽7𝐴𝐷𝑉𝐸𝑅𝑇𝑡 + 𝛽8𝑆𝐴𝐿𝐸𝑆𝑉𝑂𝐿𝑡

+ 𝛽9𝐶𝐹𝑂𝑡 + 𝛽10𝐿𝐼𝑇𝐼𝐺𝐴𝑇𝐼𝑂𝑁𝑡 + 𝛽𝑚𝐶𝑂𝑈𝑁𝑇𝑌_𝐶𝐻𝐴𝑅𝑆𝑡

+ 𝐼𝑁𝐷𝑌𝐸𝐴𝑅 𝐹𝐼𝑋𝐸𝐷 𝐸𝐹𝐹𝐸𝐶𝑇𝑆 + 휀 

(6) 

where CONS is one of the three measures of accounting conservatism and SCAPITAL is our 

main measure of county-level social capital. Following previous literature (see, e.g., Ahmed 

and Duellman 2013), we use firm size, market-to-book ratio, leverage ratio, sales growth, 

research and development intensity, advertisement intensity, sales volatility, cash flows from 

operations, and litigation risk as control variables. We define firm size (SIZE) as the natural 

logarithm of market of value of equity; market-to-book ratio (MTB) as the market value of 

equity divided by the book value of equity; leverage ratio (LEV) as the sum of short-term and 

long-term debt divided by total assets; sales growth (SALEG) as the percentage growth in sales; 

 
13 As Putnam (2001) argues, social capital is a multifaceted concept and in this study we assume that both civic 

norms and density of social networks contribute towards fostering an environment of transparency. In Table A4 

of the Appendix, we also test whether civic norms (based on first principal component of PVOTE and RESPN) 

and density of social networks (based on first principal component of NCCS and ASSN) have different effects on 

accounting conservatism. 
14 See Rupasingha et al. (2006) and Hasan et al. (2017a) for a more detailed description of the measure. 
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research and development intensity (R&D) as R&D expenses divided by sales; advertisement 

intensity (ADVERT) as advertisement expense divided by sales; sales volatility (SALEVOL) as 

the standard deviation of sales over the previous five years; cash flows from operations (CFO) 

as cash flows from operations divided by average total assets; and litigation risk (LITIGATION) 

as an indicator variable equal to 1 if the firm is in a high litigation industry (SIC codes: 2833-

2836, 3570-3577, 3600-3674, 5200-5961, and 7370-7374), and zero otherwise. 

In addition, we include several county-level demographics COUNTY_CHARS, which are 

correlated with social capital (Alesina and La Ferrara 2000; Putnam 1995; Rupasingha et al. 

2006). Specifically, we follow Hasan et al. (2017b) and include the natural logarithm of county-

level total population, education, median income, and median age. We also control for the level 

of religiosity since it is shown to affect corporate financial reporting (see, e.g., McGuire et al. 

2012). We include industry-year fixed effects to control for time-varying industry 

heterogeneity and cluster the standard errors at the firm level and winsorize all variables at the 

1st and 99th percentile. Consistent with our hypothesis, we expect SCAPITAL to be positive and 

statistically significant. 

To estimate the asymmetric timeliness model, we follow the modified Basu (1997) model 

as illustrated in Eq. (7). Consistent with our hypothesis, we expect β7 to be positive and 

statistically different from zero. 

𝐸𝑇𝑃𝑡 = 𝛼 + 𝛽1𝑁𝐸𝐺𝑡 + 𝛽2𝑅𝐸𝑇𝑈𝑅𝑁𝑡 + 𝛽3𝑁𝐸𝐺𝑡 × 𝑅𝐸𝑇𝑈𝑅𝑁𝑡 + 𝛽4𝑆𝐶𝐴𝑃𝐼𝑇𝐴𝐿𝑡 +

𝛽5𝑁𝐸𝐺𝑡 × 𝑆𝐶𝐴𝑃𝐼𝑇𝐴𝐿𝑡 + 𝛽6𝑅𝐸𝑇𝑈𝑅𝑁𝑡 × 𝑆𝐶𝐴𝑃𝐼𝑇𝐴𝐿𝑡 + 𝛽7𝑁𝐸𝐺𝑡 × 𝑅𝐸𝑇𝑈𝑅𝑁𝑡 ×

𝑆𝐶𝐴𝑃𝐼𝑇𝐴𝐿𝑡 + 𝛽𝑝𝐶𝑂𝑁𝑇𝑅𝑂𝐿𝑆 + 𝛽𝑞𝑁𝐸𝐺𝑡 × 𝐶𝑂𝑁𝑇𝑅𝑂𝐿𝑆𝑡 + 𝛽𝑟𝑅𝐸𝑇𝑈𝑅𝑁𝑡 ×

𝐶𝑂𝑁𝑇𝑅𝑂𝐿𝑆𝑡 + 𝛽𝑠𝑁𝐸𝐺𝑡 × 𝑅𝐸𝑇𝑈𝑅𝑁𝑡 × 𝐶𝑂𝑁𝑇𝑅𝑂𝐿𝑆𝑡 +

𝐼𝑁𝐷𝑌𝐸𝐴𝑅 𝐹𝐼𝑋𝐸𝐷 𝐸𝐹𝐹𝐸𝐶𝑇𝑆 + 휀  

(7) 
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Sample Selection and Summary Statistics 

After removing missing values for the firm and county-level variables, our final sample for 

baseline analysis contains 51,187 firm-year observations for the period 1997-2018. Following 

common practice, we exclude financial firms (SIC codes 6000-6999) because the nature of 

reporting in such firms is different from that of other industries. We obtain information about 

company headquarters from Compustat. Because Compustat provides the most recent 

headquarters location, we obtain historical headquarters addresses through annual report filings 

with the Securities and Exchange Commission (SEC). We use state and county names to obtain 

county-level unique Federal Information Processing Standards (FIPS) codes. We then match 

social capital data from NRCRD and other county-level demographic data from the Bureau of 

Economic Analysis, U.S. Census Bureau, Institute of Health Metrics and Evaluations (IHME), 

and Association of Religion Data Archives (ARDA) using the county FIPS codes. Data for the 

firm-level variables is from Compustat and Center for Research in Security Prices (CRSP). 

Table 1 provides summary statistics for all the variables in the baseline regression and 

additional analyses. The mean (median) for our first measure of conservatism 

(TRANSPARENT) is -0.215 (-0.149). The descriptive statistics are similar to those reported in 

Hutton et al. (2009) who study a sample of firms for the period 1991-2005. The mean (median) 

values for our market measure (CONSMKT) is 0.012 (0.065). The summary statistics for 

CSCORE are comparable to those reported in Khan and Watts (2009). For all other firm 

characteristics, the mean and median values are generally consistent with those reported in the 

prior literature (see, e.g., Ahmed and Duellman 2013).15 

The mean and standard deviation of SCAPITAL is similar to those in Hasan et al. (2017a), 

who demonstrate that the variable has meaningful variation both cross-sectionally and across 

 
15 There are some differences in sample characteristics and variable measurement between our study and that of 

Ahmed and Duellman (2013). They define LEV as total liabilities divided by total assets while we only include 

total debt. Also, while Ahmed and Duellman (2013) look at only S&P 1500 firms due to data requirements from 

Execucomp, we include all firms in the Compustat-CRSP universe for which we have available data. 
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time. The firms are in counties with an average (median) population of 1.592 (0.944) million 

residents. The average median household income is around 58.776 (55.110) thousand dollars. 

Approximately 58.1% (58.9%) of county residents adhere to an organized religion. The 25th 

and 75th percentile show considerable variations in the distance to the Canadian border and life 

expectancy in the U.S. counties, which is a desirable feature for instrumental variables.   

Table 1 also presents summary statistics for other measures of corporate reporting culture. 

Data on analyst forecast comes from Institutional Brokers Estimate System (I/B/E/S). The 

average firm is followed by 10 analysts. The 75th percentile for WRITEOFF indicates that more 

than 25% of firm-year observations include a major asset write-off event. For tests involving 

firm-level risk measures, we report summary statistics under firm risk measures. 

[Table 1 around here] 

IV. RESULTS 

Univariate Results 

To test our hypotheses, we begin by conducting some univariate analyses. The results are in 

Table 2. To define firms in high and low social capital groups, we first create annual median 

of the social capital variable. We then define firms headquartered in areas with high (low) 

social capital as firms located in counties with above (below) median values of social capital 

in each year. The tests indicate that firms in counties with high social capital have a higher 

financial reporting transparency and accounting conservatism as proxied for by the market 

measure. The mean difference is statistically significant at the 1% level for the two measures. 

The difference in asymmetric timeliness measure is insignificant. 

The table also shows that firms in counties with high social capital are larger, have more 

debt, lower sales growth and volatility, higher cash flows from operations, and are less likely 

to be in high-litigation industries. Counties with high social capital are less populated and have 
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higher median income, median age, education, and life expectancy. Such counties are also 

located closer to the Canadian border, consistent with the findings of Putnam (2001). 

Furthermore, firms headquartered in counties with high social capital have better analyst 

forecast accuracy, lower probability of an asset write-off, more readable financial statements, 

lower idiosyncratic volatility and firm risk. 

[Table 2 around here] 

Baseline Results 

Because other factors can drive our univariate results, we turn to multivariate analyses. The 

results for our baseline models illustrated in Eq. (6) are in Table 3. The table reports the results 

for our three measures of accounting conservatism. In column (1), using our measure of 

financial reporting transparency, the coefficient on our main explanatory variable (SCAPITAL) 

is positive and statistically significant [β = 0.006, t-statistic = 2.24]. In columns (2) and (3), 

when we use CONSMKT and CSCORE, we continue to document the positive relation between 

social capital and accounting conservatism. The coefficient in both models is statistically 

significant at the 1% level. This is consistent with our expectations in H1 and indicate that 

firms in counties with high social capital have significantly higher financial reporting 

transparency and higher accounting conservatism. Since our three measures are statistically 

significant, our average measure is also positive and statistically significant at the 1% level [β 

= 0.136, t-statistic = 5.46].16 

[Table 3 around here] 

Among other control variables, firm size is positive and statistically significant. This is 

consistent with the notion that smaller firms have poor accruals quality (Dechow and Dichev 

2002). The coefficients on market-to-book ratio is negative and statistically significant in 

 
16 The assessment of economic significance in our specification is relatively difficult. Nonetheless, we estimate 

that a firm headquartered in a high social capital county (fourth quintile) has, ceteris paribus, approximately 

7.28% higher reporting transparency than a firm headquartered in a low social capital county (second quintile). 
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column (1), indicating that growth firms are likely to have more opacity and possibly lower 

unconditional conservatism.17 In columns (2) and (3), the coefficients are positive and 

statistically significant. Khan and Watts (2009) argue that firms with higher market-to-book 

ratio have volatile stock returns, which can result in large losses, triggering lawsuits. This leads 

to a higher litigation demand for conservatism. 

Instrumental Variable Regression Results 

Our baseline models include common determinants of accounting conservatism and industry-

year fixed effects. However, a potential problem is that time-variant omitted variables 

correlated with social capital and accounting conservatism could affect these models. To 

address these endogeneity issues and partially mitigate them, we turn to two-stage least squares 

(2SLS) instrumental variable (IV) regression. 

We identify two instrumental variables for social capital. Putnam (2001) argues that with 

the imposition of slavery, southern states in the U.S. were systematically deprived of building 

social capital. This effect continues to this day as northern states display higher levels of social 

capital. Therefore, Putnam (2001) suggests that the distance from the Canadian border serves 

as a potentially exogenous predictor of social capital in American states. Following this, we 

calculate the shortest distance (in miles) between the center of each county and the Canadian 

border using coordinates. We then take the natural logarithm of the distance and use it as our 

first instrument. 

Sociologists, starting with Emile Durkheim in the late 1880s, have long argued that 

modern life’s disruptions in social cohesion are positively correlated with mortality events 

including self-destructive behaviors and suicide. Relatively recent studies in public health and 

sociology confirm these findings. For instance, Kawachi et al. (1997) show that social capital 

 
17 One particular reason for the negative relation could be the overvaluation of equity (Jensen 2005). Chi and 

Gupta (2009) provide empirical evidence suggesting that overvalued firms engage in income-increasing earnings 

management more often than other firms. 
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positively influences health and improves life expectancy. We therefore use county-level life 

expectancy as our second instrument for social capital. We expect a negative (positive) 

relationship between distance to the Canadian border (life expectancy) and county-level social 

capital. We get the county-level age-adjusted total life expectancy data from the Institute of 

Health Metrics and Evaluations (IHME). The data frequency is every five years from 1980 to 

2014. We back-fill data for missing years by using the estimate in the preceding year for which 

data is available. The instruments are also likely to satisfy the exclusivity assumption because, 

a priori, it is unlikely that firms in counties closer to Canada or with higher life expectancies 

demonstrate higher accounting conservatism. 

The results of the regressions are in Table 4. The first-stage regression shows that the 

coefficient on distance to Canada (DCANADA) is negative and the coefficient on life 

expectancy (LIFE) is positive. Both instruments are statistically significant, indicating that 

counties with high social capital are closer to Canada and have higher life expectancy. Among 

other county-level variables, population and median income are negative and statistically 

significant, but religion, median age, and education are positive and statistically significant. 

The results for the second-stage regression using our three measures of accounting 

conservatism and our aggregate measure are in columns (2)-(5). The coefficient on the 

predicted measure of social capital is positive and statistically significant for the accrual 

measure of reporting transparency and firm-year measure of asymmetric timeliness. However, 

the coefficient is positive but statistically insignificant when using CONSMKT as our measure 

of conservatism. Overall, the results are consistent with our baseline results and H1, indicating 

that counties with high social capital have more conservative accounting practices. The 

instrument quality tests presented at the end of Table 4 test the relevance assumption. The 

Kleibergen-Paap F-statistic is higher than the traditionally accepted thresholds specified in 

Stock and Yogo (2005). This demonstrates that our instruments are not weak. Similarly, the 
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Hanen’s j-statistic and its corresponding p-value indicate that the instruments do not 

overidentify the instrumented variable in the first stage. 

[Table 4 around here] 

Propensity-score Matching 

To further alleviate potential endogeneity concerns, we use propensity-score matching 

technique.18 To do this, we first calculate the median SCAPITAL annually based on the data in 

that year. We then classify firm-years above median as treatment and those below median as 

control. To generate propensity scores, we estimate a probit regression model in each year 

separately. Our matching criteria requires a one-to-one match with no replacement and a caliper 

of 0.01. This procedure generates a balanced sample of 8,628 firm-years for controls (low 

social capital) and 8,628 firm-years for treatment (high social capital) during the sampling 

period 2000-2018. The independent variables include all variables included in the baseline 

regression except the industry and year dummies.19 

Using 17,256 firm-year observations, we estimate the baseline regression with the 

matched sample of firms. Table 5 provides the results for this specification. Consistent with 

the baseline findings, the coefficient on SCAPITAL is positive and statistically significant 

across all three measures and the aggregate measure of accounting conservatism. This shows 

that while we control for all other significant differences in firm characteristics, firms located 

in high social capital counties continue to have higher transparency in reporting and more 

conservative accounting. 

[Table 5 around here] 

 
18 See Caliendo and Kopeinig (2008) for a useful survey of the technique. 
19 Untabulated univariate analysis provided in the Appendix in Table A2 shows that the matched pairs have no 

significant differences in terms of all other variables except social capital (i.e., covariate balance is achieved).  
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Social Capital and Asymmetric Timeliness 

Table 6 provides results for the asymmetric timeliness model. As in Basu (1997), firms with a 

tendency to report bad news more promptly than good news have a higher NEG × RETURN 

coefficient. Consistent with Basu (1997) and Khan and Watts (2009), among others, we find 

that on average firms in our sample are conservative, as indicated by a positive and statistically 

significant NEG × RETURN coefficient in column (1). The main coefficient of interest in our 

specification is SCAPITAL × RETURN × NEG. The first column presents results without other 

firm controls, but all other models include control variables and their interactions. We find that 

firms in counties with high social capital have a higher tendency to recognize bad news before 

good news. The coefficient of interest is positive and statistically significant in all our models. 

The signs on all other control variables correspond to those in Basu (1997), Khan and 

Watts (2009), and LaFond and Watts (2008), among others. The coefficient on SIZE × 

RETURN × NEG is negative and statistically significant in all our models, suggesting that 

asymmetric timeliness decreases when size increases. Similarly, the coefficient on MTB × 

RETURN × NEG is positive but statistically insignificant. The positive coefficient on LEV × 

RETURN × NEG indicates a lower tendency among levered firms to hide bad news; this is due 

to a higher contracting demand for accounting conservatism (Khan and Watts 2009). The 

results for the second-stage regression using the asymmetric timeliness model are in column 

(3) of Table 6. We use the same instruments as in Table 4 and include their interactions with 

NEG and RETURN in the first stage. The coefficient on SCAPTIAL × RETURN × NEG is 

positive and significant at the 1% level. 

[Table 6 around here] 

Alternative Measures of Social Capital 

In this section, we use alternative proxies for social capital to verify that our baseline results 

reported in Table 3 are not driven by measurement errors. First, our social capital metric is only 
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available in the years 1997, 2005, 2009, and 2014, and we extrapolate the data using the most 

recent information. To test that our results are not driven by this extrapolation, we reduce our 

sample to only those years where the SCAPITAL variable is available. The results reported in 

Table 7, column (1) show that the positive association between social capital and accounting 

conservatism is not affected when we use the reduced sample. In a related estimation 

procedure, we also use linearly interpolated values of SCAPITAL in column (2). The results 

remain unchanged when using this measure. 

To further substantiate the validity of our measurement of social capital measure, we use 

state-level organ donation as an alternative proxy for social capital. The prior literature 

extensively uses organ and blood donation to quantify social capital (see, e.g., Buonanno et al. 

2009; Guiso et al. 2004; Hasan et al. 2017a, 2017b). We therefore obtain annual organ donation 

data from Organ Procurement and Transplantation Network (OPTN) and construct a state-level 

alternative proxy for social capital. We define ORGDONATE as the total number of organ 

donors per 1,000 residents in a state. Using this alternative measure, we re-estimate our baseline 

regression model. The results provided in column (3) of Table 7 show that firms headquartered 

in states with higher per capita organ donations display higher accounting conservatism. 

[Table 7 around here] 

Quasi-experiment: Firms with Headquarters Relocations 

In our setting, one potentially exogenous form of variation in social capital can occur when a 

firm relocates its headquarters. Assuming that the headquarters relocation changes social 

capital surrounding the firm headquarters, we expect firms moving from a low social capital 

region to a high social capital region to experience an increase in their financial reporting 

transparency and accounting conservatism post relocation. To use this quasi-experiment 

setting, we first identify firms relocating their headquarters. We then exclude all firms making 

more than one headquarters relocations during our sample period. In the next step, we require 



26 Afzali, M., Colak, G., Hasan, I., Martikainen M. (2021) 

that relocating firms have at least three years of available (non-missing) information for all the 

variables in our baseline model before and after headquarters relocation. 

These restrictions lead to a final sample of 4,422 firm-year observations. The sample 

contains 84 (194) firms that relocate to a county with high (low) social capital. We create a 

dummy variable that equals one (zero) if the firm is headquartered in a low (high) social capital 

county and relocates to a high (low) social capital county.20 We also create an indicator variable 

to capture pre- and post-relocation firm-years. Finally, we interact these two dummy variables 

to estimate a difference-in-differences (diff-in-diff) model. A negative and statistically 

significant sign on the interaction term will indicate that firms relocating to counties with high 

social capital have significantly higher reporting transparency than firms relocating to counties 

with low social capital. 

The results for this diff-in-diff model is presented in column (5) of Table 7. The coefficient 

on the interaction term (SK_INCREASE × POST) is positive and statistically significant [β = 

0.339, t-statistic = 2.60]. This indicates that firms relocating to a county where social capital is 

higher than the county of their headquarters before relocation experience a statistically 

significant increase in financial reporting transparency and accounting conservatism after the 

move. An underlying assumption of diff-in-diff analysis is that there are no differences in the 

observable characteristics of the firms before the relocation event (parallel trends assumption 

test). We test this by comparing the treatment and control firms one year prior to the move. 

The results reported in Table A3 of the Appendix shows that there are no statistically significant 

differences in firm characteristics between the two firms prior to the move. This further 

validates the use of this specification and supports our hypothesis (H1). 

 
20 To make sure that the increase in social capital is significant, we use terciles of social capital and define high 

(low) social capital as firms headquartered in counties with social capital in the top (bottom) terciles. 
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Social Capital and Firms’ Preference for Hiring Financially Conservative CEOs  

In our second hypothesis (H2), we argue that an underlying assumption in our study is that 

managerial preferences and decisions are influenced by their geographical environment. While 

social identity theory provides some backing to this claim, some might argue that managers are 

unlikely to interact with the local population. Consequently, the only social group that can 

influence a manager is his/her social network, which primarily comprises of other professional 

connections. In such a scenario, it remains unclear as to how social capital (as an external 

societal pressure) infiltrates internal corporate mechanisms and affects decision-making. In this 

section, we try to present some empirical results that support our arguments in H2. Specifically, 

in H2, we argue that firms in high social capital regions prefer hiring managers who have a 

proven record of transparent reporting. 

In order to establish this channel, we look at how social capital influences boards’ 

managerial hiring decisions. We examine these decisions because senior management 

primarily determines corporate culture (Biggerstaff et al. 2015; Davidson et al. 2015; Graham 

et al. 2017). We conjecture that firms in counties with high social capital carefully choose their 

managers, which consequently influences firm behavior.  

To test for this channel, we follow Bouwman (2011) and design the following test. Using 

data from Execucomp, we obtain a list of CEO turnovers and isolate the turnovers that involve 

hiring an executive from another firm in Execucomp. We require non-missing data for all our 

previous variables, as well as for executive characteristics such as age and gender. This yields 

352 cases for CEOs who have previously served as a top executive in another firm. We then 

randomly assign 999 executives to each of these cases from a large list of all available 

executives one year prior to the turnover. This yields a sample of 352,000 potential CEOs for 

a given firm out of which 352 are selected and the rest are not selected. 
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Following Bouwman (2011), we include several determinants of the hiring decision. We 

expect firms to hire executives from each other if are both large and profitable, belong to the 

same industry, and are in the same geographic area. Therefore, we control for all these 

determinants. We also control for whether the executive’s previous job was CEO or CFO, as 

well as for the executive’s age and gender.  

We estimate a logit model with the dependent variable equal to one if the firm picks the 

executive, and zero otherwise. Our main interest is whether boards consider the level of 

accounting conservatism in the executive’s previous firm when hiring a CEO. We include our 

aggregate measure of accounting conservatism in the executive’s previous firm to capture this 

effect. The results for this specification are in panel A of Table 8. The interaction term between 

the firm’s level of social capital and the level of accounting conservatism in the executive’s 

previous firm is positive and statistically significant. This implies that when social capital 

surrounding the firm headquarters is high, boards consider the level of accounting conservatism 

in their hiring decisions for CEOs. Among other variables, the coefficient on previous firm size 

is positive. This means that firms tend to hire CEOs if they have previously worked in large 

firms. In addition, executives who previously served as CEOs (CFOs) are more (less) likely to 

be hired as a CEO. Executives of firms in the same state and/or the same industry are also more 

likely to be hired. Consistent with our expectation, older and female executives are less likely 

to be considered for managerial positions. Overall, the results indicate that firms in counties 

with high social capital pay more attention to executives’ bias than firms in counties with low 

social capital. 21 

 
21 In an alternative test, we posit that if social capital induces norm-adherent behavior, then managers exposed to 

high (low) social capital regions should carry forward their norm-adherent (norm-deviant) behavior when hired 

by other firms. To test this, we first manually verify all CEO turnovers from 1997-2016 in the Execucomp 

database. We next determine whether the newly hired CEO previously served as a top executive in another firm. 

We then require at least three years of information before and after the CEO turnover. To test the level of 

accounting conservatism in the firm hiring the CEO, we use our transparency measure of accounting conservatism. 

We find that executives coming from regions with high social capital enhance accounting conservatism more than 

those coming from counties with low social capital. 



29 Afzali, M., Colak, G., Hasan, I., Martikainen M. (2021) 

[Table 8 around here] 

In panel B, we test whether firms in counties with high social capital prefer to hire 

executives who are born or raised in regions of the United States with high social capital. To 

do this, we obtain information on executives’ origins as in Yonker (2017a) and estimate the 

probability of a preference given the level of social capital in the executives’ origin states.22 

The results in panel B show that firms headquartered in counties with high social capital are 

more likely to hire executives born or raised in states with high social capital. Because Yonker 

(2017a), among others, finds a significant home bias toward managerial hiring, in column (4) 

we exclude all same-state hires and focus only on out-of-state hires. We continue to document 

the same effect even after removing same-state hires. This finding further supports the notion 

that firms headquartered in counties with high social capital tend to hire managers who are 

born or raised in states with high social capital. 

V. SOCIAL CAPITAL, REPORTING CULTURE, AND FIRM RISK 

This section conducts several additional analyses. First, we highlight the linkages between 

social capital and firm’s information environment (analyst forecast accuracy, asset write-offs, 

and financial statement readability). Second, we test our third hypothesis about the positive 

effect of social capital on firm’s risk indicators. Third, we conduct mediation analysis showing 

that social capital serves as a mediator towards achieving these positive outcomes for the firm.    

Social Capital and Alternative Proxies of Corporate Reporting Culture 

First, we analyze three different aspects of financial reporting culture used in prior studies. 

Analyst Forecast Accuracy 

For our first alternative measure, we use analyst forecast accuracy (Lang et al. 2012; Zhong 

2018). Prior research argues that analyst forecast accuracy reflects corporate reporting 

 
22 We are thankful to Scott Yonker for sharing the data on executive origins with us. 
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transparency by capturing both information acquisition costs and disclosure policies (Lang and 

Lundholm 1996). More specifically, we look at the analysts’ mean annual earnings forecast 

accuracy. Following Lang et al. (2012), we define the variable ACCURACY as the absolute 

value of the forecast error multiplied by negative one and scaled by the stock price at the end 

of the prior fiscal year, where the forecast error is the I/B/E/S analysts’ mean annual earnings 

forecast less the actual earnings as reported by I/B/E/S. Following previous research, we 

introduce additional controls – number of analysts and median forecast horizon. The results 

provided in Table 9, column (1) show that firms headquartered in high social capital regions 

have higher mean analyst forecast accuracy. Since analyst forecasts are reflective of firm-level 

reporting transparency, this finding further substantiates our arguments in H1 and H2. 

[Table 9 around here] 

Asset Write-offs 

To examine more severe cases of the absence of asymmetric timeliness in news reporting, we 

test whether firms headquartered in counties with high social capital are less likely to record 

large, nonrecurring charges otherwise known as “baths.” Haggard et al. (2015), among others, 

maintain that baths occur because of persistent managerial tendencies to hide bad news. Moore 

(1973) claims that “taking a bath” changes a firm’s profitability benchmarks by reducing future 

losses. It is a drastic measure that managers tend to use to act opportunistically and release 

sudden information. Consistent with this view, Tan (2013) argues that asset write-offs are direct 

manifestations of conservatism. 

Therefore, we expect that firms in counties with high social capital are less likely to write-

off assets. We follow Haggard et al. (2015) and define an asset write-off (WRITEOFF) as a 

negative special item. When the ratio of its absolute value to total assets at the beginning of the 

year exceeds 1%, the variable takes the value of the ratio, otherwise the variable equals zero. 

The dependent variable is WRITEOFF, which is our measure of asset write-off. The results for 
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this regression are in column (2) of Table 9. Our main variable capturing county-level social 

capital, SCAPITAL, is negative and statistically significant. The negative coefficient reflects a 

lower probability of asset write-offs for firms in counties with high social capital. These 

findings are consistent with our predictions and our baseline results. 

Financial Statement Readability 

Loughran and McDonald (2014) show that readability and other textual properties of financial 

reports provide the market with value-relevant information. Additionally, they show that 

financial report readability has a strong link to poor corporate information environment. For 

instance, the use of words conveying uncertainty (e.g., approximate, contingency, uncertain, 

and indefinite) and weak modal words (e.g., might, possible, approximate, and contingent) in 

10-K reports leads to higher stock price volatility in the following year. Similarly, Loughran 

and McDonald (2013) document a negative relation between the ambiguous language in S-1 

initial public offering (IPO) filings and key IPO performance indicators. More recently, 

Ertugrul et al. (2017) show that the readability and tone ambiguity in corporate disclosures is 

related to managerial information hoarding, ultimately leading to higher costs of external 

capital and stricter loan contract terms. We therefore test whether corporate reporting culture 

is different in firms headquartered in counties with high social capital.  

To test the readability of financial disclosures, we use three different measures utilized in 

prior studies. First, we obtain textual data23 for each firm in our sample over the period 1997-

2018. Our methodology is similar to Ertugrul et al. (2017) and focused on the use of uncertain, 

modal weak, litigious, and negation language in 10-K reports. For comparability, we divide 

these words by the total number of words in the report and multiply it by 100. For our second 

measure of readability, we use file size (Ertugrul et al. 2017; Loughran and McDonald 2014). 

 
23 Available through Notre Dame Software Repository for Accounting and Finance (https://sraf.nd.edu/data/).  

  

https://sraf.nd.edu/data/
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File size can indicate both complexity of readability and use of ambiguous language. Finally, 

since traditional report size measures are prone to measurement error, we use the Bog Index, 

which measures the plain English attributes of disclosure (Bonsall et al. 2017). The results 

using these three measures are in columns (3)-(5) of Table 9. The coefficient on our main 

variable of interest is negative and statistically significant in all our specifications. This 

confirms our conjecture that firms headquartered in counties with high social capital use less 

ambiguous language and have lower tendencies to withhold information. 

Social Capital and Firm Risk 

In order to assess whether social capital-induced accounting conservatism positively influences 

firm risk (H3), we test if firms in counties with high social capital have lower total and 

idiosyncratic risk. We deploy four measures of firm risk. For our first two measures of risk, we 

use standard deviation of weekly returns and idiosyncratic volatility (Choy et al. 2014; Hayes 

et al. 2012; Yang et al. 2020). Because we conjecture that firms headquartered in counties with 

high social capital have more conservative accounting policies, we expect a negative relation 

between stock price volatility and social capital. We measure stock price volatility as the 

standard deviation of weekly market-adjusted returns over the previous 52 weeks, starting three 

months after the fiscal year end. 24 

To calculate idiosyncratic risk, we use the Fama-French-Carhart four-factor model 

(Carhart 1997; Fama and French 1993). The four-factor model is presented in Eq. (8) 

𝑅𝐸𝑇_𝑅𝐹𝑖,𝑡 = 𝛼𝑖 + 𝛽1,𝑖𝑀𝐾𝑇_𝑅𝐹𝑚,𝑡 + 𝛽2,𝑖𝑆𝑀𝐵𝑚,𝑡 + 𝛽3,𝑖𝐻𝑀𝐿𝑚,𝑡 + 𝛽4,𝑖𝑈𝑀𝐷𝑚,𝑡 + 휀 (8) 

where RET_RF is firm-specific monthly return minus the risk-free rate. MKT_RF is the 

monthly return on CRSP value-weighted index minus the risk-free rate. SMB is the difference 

 
24 In all our specifications involving weekly returns, we follow Hou and Moskowitz (2005), among others, and 

compute weekly returns between adjacent Wednesdays. This is because Chordia and Swaminathan (2000), among 

others, document high autocorrelations using Friday-to-Friday prices and low autocorrelations using Monday-to-

Monday prices. 
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in returns of value-weighted portfolios of small stocks and big stocks. HML is the difference 

in returns for value-weighted portfolios of high book-to-market stocks and low book-to-market 

stocks. UMD is the difference in returns of value-weighted portfolios for firms with high and 

low prior momentum. We take all of these variables contemporaneously during a given month. 

We obtain monthly abnormal returns (residuals) by estimating this model for five years (60 

months, with at least 24 months of non-missing observations). We then calculate idiosyncratic 

risk as the rolling standard deviation of residual returns over the previous 36 months starting 

three months after the fiscal year end (Ang et al. 2009). 

Based on Kini and Williams (2012) and Sila et al. (2016), we use the volatility of earnings 

as our alternative proxies for firm risk. We define volatility of earnings (SDROA) as the 

standard deviation of return-on-assets (ROA) over the current and previous two years. Higher 

values of SDROA indicate higher firm-level risk.25 

As hypothesized, firms in counties with high social capital have lower stock volatility, 

idiosyncratic risk, and standard deviation of earnings. The coefficients in panel A of Table 10 

for standard deviation of abnormal returns, idiosyncratic volatility, and standard deviation of 

ROA are negative and statistically significant at the 1% level. This indicates that firms in 

counties with high social capital have lower firm-level risk. 

[Table 10 around here] 

Mediation Analysis 

Previous research argues that managers in high social capital regions have better capital 

allocation efficiency (Gao et al. 2021), which can reduce firm-level risk. We argue that social 

 
25 In untabulated results, we also estimate measures of stock price informativeness and information asymmetry. 

Our measure of stock price information is based on Roll’s R2 (Roll 1988). We follow Morck et al. (2000) and 

Hutton et al. (2009) and estimate the R2 from the expanded index model regression. The expanded index model 

involves regressing weekly returns on current, lead, and lagged market and industry weekly returns. To measure 

information asymmetry, we use average bid-ask spread. Like Balakrishnan et al. (2014), we calculate the daily 

spread using bid and ask prices from CRSP. Using these measures, we find that firms headquartered in high social 

capital counties have higher stock price informativeness and lower information asymmetry. 
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capital also affects firm risk by enhancing accounting conservatism. To show this indirect 

effect, we perform a formal mediation analysis (Baron and Kenny 1986). The mediation 

analysis allows us to isolate the direct and indirect effects of social capital on firm-level risk. 

The results for this specification are provided in panel B of Table 10. Our mediation tests 

suggest that social capital-induced accounting conservatism explains statistically and 

economically significant percentage of the relation between social capital and firm risk. For 

example, higher accounting conservatism and transparent financial reporting documented in 

high social capital regions explains 15.96% of the negative relation between social capital and 

idiosyncratic volatility. For standard deviation of ROA, this indirect effect accounts for 46.46% 

of the total effect. In sum, our results show that social capital positively influences corporate 

reporting environment, which in turn helps reduce firm risk. 

VI. CONCLUSION 

In this paper, we study the relationship between county-level social capital and accounting 

conservatism. Previous evidence in corporate finance and accounting demonstrates that civic 

norms and the density of social networks surrounding firm headquarters limits opportunistic 

corporate behavior. We follow the same rationale and hypothesize that firms in counties with 

high social capital are less likely to delay the recognition of bad news. This lower tendency 

leads to higher accounting conservatism. We also argue that firms headquartered in counties 

with high social capital have more transparent financial reporting, lower probability of asset 

write-offs, and lower idiosyncratic volatility and information asymmetry. 

To test these hypotheses, we employ different specifications. For our baseline model 

involving accounting conservatism, we use two different models. In the first model, we use 

three different measures of accounting conservatism. For our second model, we use the Basu 

(1997) asymmetric timeliness model. The asymmetric timeliness model shows firms’ tendency 

to recognize bad news faster than good news. The results for both these specifications indicate 
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that firms headquartered in counties with high social capital have higher accounting 

conservatism. These results are statistically significant and remain unchanged when we control 

for several other county-level demographics or use the linearly interpolated measure of social 

capital. To address endogeneity, we employ IV regression and use distance to Canada and 

county-level total life expectancy as instruments. Our results remain qualitatively similar when 

we use these instruments as proxy for social capital. 

We also show that firms in counties with high social capital are more likely to have better 

analyst forecast accuracy and less likely to have large, nonrecurring asset write-offs. To test 

whether social capital-induced accounting conservatism influences idiosyncratic risk and 

information asymmetry, we test four different measures. The results in all our models and 

across different measures of idiosyncratic volatility and information asymmetry are consistent 

with our predictions. We find that firms in counties with high social capital have lower 

idiosyncratic volatility and firm risk and attribute some of these effects to the higher degree of 

transparent reporting in high social capital firms. Overall, our findings are consistent with 

previous literature in corporate finance and accounting, which finds that social capital reduces 

norm-deviant corporate behavior. 
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TABLE 1 

Summary Statistics 

 Observations Mean S.D. P25 Median P75 

Conservatism measures       

TRANSPARENT 51,187 -0.215 0.205 -0.267 -0.149 -0.083 

CONSMKT 51,187 0.012 0.361 -0.140 0.065 0.240 

CSCORE 51,187 0.079 0.097 0.014 0.075 0.139 

AGGREGATE 51,187 5.496 1.419 4.667 5.333 6.333 

Firm characteristics       

SIZE 51,187 5.989 2.065 4.447 6.048 7.489 

MTB 51,187 2.900 2.731 1.280 2.039 3.435 

LEV 51,187 0.201 0.182 0.015 0.177 0.331 

SALESG 51,187 0.125 0.365 -0.027 0.071 0.195 

R&D 51,187 0.191 0.869 0.000 0.002 0.078 

ADVERT 51,187 0.010 0.026 0.000 0.000 0.006 

SALESVOL 51,187 0.299 0.299 0.117 0.208 0.364 

CFO 51,187 0.057 0.149 0.024 0.080 0.133 

LITIGATION 51,187 0.349 0.477 0.000 0.000 1.000 

County characteristics       

SCAPITAL 51,187 -0.574 0.804 -1.169 -0.527 -0.030 

SCAPITAL (Linearly interpolated) 51,187 -0.535 0.785 -1.133 -0.498 -0.005 

ORGDONATE (per 1,000 residents) 51,187 43.861 8.210 38.381 41.659 48.495 

RELIGION (fraction) 51,187 0.581 0.127 0.467 0.589 0.680 

POPULATION (millions) 51,187 1.592 1.887 0.555 0.944 1.675 

INCOME (thousands of dollars) 51,187 58.776 16.069 46.427 55.110 69.017 

COUNTYAGE (years) 51,187 36.087 2.912 34.100 36.000 37.800 

EDUCATION (fraction) 51,187 0.338 0.102 0.264 0.317 0.405 

LIFEEXP (years) 51,187 78.399 2.237 76.970 78.450 80.020 

DCANADA (miles) 51,187 519.655 358.975 228.889 373.243 877.261 

Reporting culture measures       

ACCURACY 39,940 -0.014 0.034 -0.010 -0.003 -0.001 

NANALYSTS 39,940 10.144 8.564 4.000 8.000 14.000 

HORIZON 39,940 66.493 54.830 24.000 54.000 98.000 

WRITEOFF 50,531 1.682 4.298 0.000 0.000 1.384 

UNCERTAIN 47,440 3.369 0.808 2.794 3.352 3.925 

FILESIZE 47,440 12.568 0.575 12.195 12.566 12.937 

BOGINDEX 47,440 84.012 7.397 79.000 84.000 89.000 

Firm risk measures       

SDRETURN 51,187 0.066 0.037 0.039 0.057 0.082 

IDIOVOL 51,174 0.114 0.049 0.075 0.107 0.148 

SDROA 51,154 0.072 0.101 0.015 0.035 0.085 

Additional controls       

SKRETURN 51,187 0.389 0.956 -0.147 0.323 0.855 

KURETURN 51,187 5.456 3.481 3.354 4.315 6.165 

MVOLUME 51,182 37.087 34.262 13.098 27.213 49.358 

This table contains the summary statistics for the sample. Our sample is constructed from the intersection of CRSP/Compustat (accounting 

and stock price data), social capital data from NRCRD, other county-level information from various sources, and SEC EDGAR 10-K filings 

(historical data on headquarters), after excluding financial firms (SIC codes 6000–6999) over the time period 1997 to 2018. Our final sample 

covers a total of 51,187 firm-years. All variables are defined in the Appendix in Table A1. 
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TABLE 2 

Univariate Tests 

 High Social Capital Low Social Capital Difference t-statistic 

Conservatism measures     

TRANSPARENT -0.202 -0.227 0.025*** 13.82 

CONSMKT 0.027 -0.004 0.031*** 9.72 

CSCORE 0.078 0.079 -0.001 -1.34 

AGGREGATE 5.598 5.392 0.206*** 16.44 

Firm characteristics     

SIZE 6.043 5.933 0.110*** 6.04 

MTB 2.921 2.878 0.043* 1.79 

LEV 0.204 0.199 0.006*** 3.54 

SALESG 0.119 0.131 -0.012*** -3.74 

R&D 0.188 0.194 -0.006 -0.82 

ADVERT 0.010 0.010 0.001*** 3.26 

SALESVOL 0.283 0.316 -0.033*** -12.68 

CFO 0.059 0.055 0.004*** 3.16 

LITIGATION 0.339 0.359 -0.020*** -4.66 

County characteristics     

SCAPITAL 0.067 -1.227 1.294*** 306.33 

SCAPITAL (Linearly interpolated) 0.080 -1.162 1.242*** 292.53 

ORGDONATE (per 1,000 residents) 46.013 41.665 4.348*** 62.12 

RELIGION (fraction) 0.616 0.546 0.070*** 64.64 

POPULATION (millions) 0.832 2.367 -1.535*** -100.76 

INCOME (thousands of dollars) 59.762 57.769 1.992*** 14.05 

COUNTYAGE (years) 37.043 35.111 1.932*** 79.56 

EDUCATION (fraction) 0.366 0.309 0.058*** 66.91 

LIFEEXP (years) 78.507 78.290 0.217*** 11.00 

DCANADA (miles) 306.922 736.678 -429.756*** -169.05 

Reporting culture measures     

ACCURACY -0.013 -0.015 0.002*** 6.88 

NANALYSTS 9.861 10.435 -0.574*** -6.70 

HORIZON 66.001 66.999 -0.998* -1.82 

WRITEOFF 1.625 1.741 -0.116*** -3.03 

UNCERTAIN 3.335 3.403 -0.067*** -9.07 

FILESIZE 12.557 12.579 -0.022*** -4.15 

BOGINDEX 83.800 84.226 -0.426*** -6.28 

Firm risk measures     

SDRETURN 0.063 0.068 -0.005*** -15.02 

IDIOVOL 0.110 0.118 -0.008*** -19.51 

SDROA 0.066 0.078 -0.012*** -12.96 

Additional controls     

SKRETURN 0.374 0.403 -0.029*** -3.37 

KURETURN 5.443 5.471 -0.028 -0.91 

MVOLUME 35.376 38.834 -3.458*** -11.43 

This table contains the univariate tests for the sample. Counties with high (low) social capital are firm-year observations above (below) 

median of SCAPITAL, where SCAPITAL is the county-level measure of social capital based on data from Northeast Regional Center for 

Rural Development (NRCRD) at Pennsylvania State University. All variables are defined in the Appendix in Table A1. Levels of significance 

are indicated by *, **, and *** for 10%, 5%, and 1%, respectively. 
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TABLE 3 

County-Level Social Capital and Accounting Conservatism: Baseline Results 

Dependent variable: TRANSPARENT CONSMKT CSCORE AGGREGATE 

 (1) (2) (3) (4) 

SCAPITAL 0.006** 0.036*** 0.002*** 0.136*** 

 (2.24) (4.53) (2.92) (5.46) 

SIZE 0.024*** 0.033*** -0.037*** -0.169*** 

 (28.74) (12.58) (-151.13) (-18.72) 

MTB -0.011*** 0.043*** 0.005*** 0.129*** 

 (-18.73) (36.17) (31.48) (28.00) 

LEV 0.065*** -0.031 0.045*** 0.931*** 

 (7.74) (-1.28) (21.95) (11.86) 

SALESG -0.018*** -0.024*** 0.002** -0.103*** 

 (-4.64) (-5.29) (2.35) (-5.53) 

R&D 0.007** 0.016*** 0.001 0.094*** 

 (2.31) (4.59) (1.49) (6.45) 

ADVERT -0.199*** -0.011 -0.014 -0.834 

 (-3.32) (-0.06) (-1.07) (-1.45) 

SALESVOL -0.172*** -0.051*** -0.003*** -0.860*** 

 (-25.24) (-4.88) (-2.74) (-22.14) 

CFO 0.183*** -0.120*** -0.016*** -0.047 

 (11.95) (-5.12) (-5.89) (-0.50) 

LITIGATION -0.035*** 0.019 -0.001 -0.182*** 

 (-5.04) (1.15) (-1.21) (-3.08) 

RELIGION 0.022* -0.014 0.005* 0.152 

 (1.80) (-0.40) (1.76) (1.33) 

POPULATION -0.004** 0.014** 0.002*** 0.025 

 (-1.99) (2.48) (4.44) (1.36) 

INCOME -0.012 0.086*** 0.003 0.155 

 (-1.15) (2.74) (1.23) (1.50) 

COUNTYAGE 0.012 -0.170** -0.004 -0.260 

 (0.56) (-2.31) (-0.83) (-1.06) 

EDUCATION -0.007 -0.068** -0.004* -0.200** 

 (-0.72) (-2.51) (-1.90) (-2.25) 

Intercept -0.162 -0.862** 0.231*** 4.921*** 

 (-1.21) (-2.20) (8.24) (3.78) 

Industry-year fixed effects Yes Yes Yes Yes 

Adjusted R2 0.300 0.239 0.709 0.197 

Number of observations 51,187 51,187 51,187 51,187 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains results of regressions testing the effects of county-level social capital on accounting conservatism using OLS regressions. 

SCAPITAL is the county-level measure of social capital based on data from Northeast Regional Center for Rural Development (NRCRD) at 

Pennsylvania State University. TRANSPARENT is the firm-level transparency measure based on Hutton et al. (2009), measured as the three-

year moving average of the absolute value of discretionary accruals from the modified Jones model (Dechow et al. 1995), multiplied by 

negative one. CONSMKT is the firm-specific intercept from a regression of book-to-market on current and lagged annual returns, multiplied 

by negative one (Beaver and Ryan 2000). CSCORE is the firm-year measure of accounting conservatism obtained based on the specification 

in Khan and Watts (2009). AGGREGATE is the aggregate measure of conservatism based on the average of decile ranks of the three measures 

of conservatism. All other variables are defined in the Appendix in Table A1. We include industry-year fixed effects but omit the results. 

The t-statistics based on firm cluster robust standard errors are in parentheses. 
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TABLE 4 

County-Level Social Capital and Accounting Conservatism: Instrumental Variable (IV) Regressions 

Dependent variable: SCAPITAL TRANSPARENT CONSMKT CSCORE AGGREGATE 

 IV first stage IV second stage IV second stage IV second stage IV second stage 

 (1) (2) (3) (4) (5) 

SCAPITAL  0.017** 0.021 0.007*** 0.268*** 

  (2.17) (0.78) (3.86) (3.12) 

DCANADA -0.219***     

 (-24.18)     

LIFEEXP 0.024**     

 (2.11)     

SIZE 0.008** 0.024*** 0.033*** -0.037*** -0.170*** 

 (1.97) (28.48) (12.62) (-150.53) (-18.75) 

MTB 0.005** -0.011*** 0.043*** 0.005*** 0.128*** 

 (2.50) (-18.75) (35.68) (31.24) (27.63) 

LEV -0.077** 0.066*** -0.032 0.045*** 0.943*** 

 (-2.27) (7.79) (-1.34) (22.07) (11.94) 

SALESG 0.011* -0.018*** -0.024*** 0.002** -0.105*** 

 (1.86) (-4.67) (-5.25) (2.28) (-5.59) 

R&D 0.004 0.007** 0.016*** 0.001 0.093*** 

 (0.72) (2.29) (4.61) (1.43) (6.42) 

ADVERT 0.280 -0.203*** -0.007 -0.016 -0.872 

 (1.10) (-3.37) (-0.04) (-1.15) (-1.50) 

SALESVOL -0.044*** -0.171*** -0.053*** -0.003** -0.850*** 

 (-2.98) (-24.94) (-4.91) (-2.39) (-21.71) 

CFO -0.036 0.183*** -0.121*** -0.016*** -0.039 

 (-1.05) (11.99) (-5.16) (-5.76) (-0.42) 

LITIGATION -0.010 -0.035*** 0.018 -0.001 -0.177*** 

 (-0.38) (-4.98) (1.11) (-1.05) (-2.98) 

RELIGION 0.694*** 0.012 -0.002 0.000 0.035 

 (12.60) (0.88) (-0.04) (0.10) (0.26) 

POPULATION -0.336*** 0.000 0.009 0.004*** 0.073** 

 (-39.74) (0.13) (0.81) (5.03) (2.06) 

INCOME -1.658*** 0.008 0.062 0.011*** 0.386** 

 (-24.78) (0.46) (1.14) (3.18) (2.24) 

COUNTYAGE 1.851*** -0.021 -0.128 -0.019*** -0.658* 

 (13.32) (-0.69) (-1.20) (-2.63) (-1.95) 

EDUCATION 1.893*** -0.029* -0.040 -0.014*** -0.467** 

 (45.12) (-1.66) (-0.66) (-3.58) (-2.49) 

Intercept 16.732***     

 (22.08)     

Industry-year fixed effects Yes Yes Yes Yes Yes 

Adjusted R2 0.640 0.206 0.155 0.620 0.102 

Kleibergen-Paap F-statistic  295.959 295.959 295.959 295.959 

Hansen J-statistic  0.056 1.201 3.460 0.107 

p-value  0.813 0.273 0.063 0.744 

Number of observations 51,187 51,187 51,187 51,187 51,187 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains results of regressions testing the effects of county-level social capital on accounting conservatism using IV regressions. 

SCAPITAL is the county-level measure of social capital based on data from Northeast Regional Center for Rural Development (NRCRD) at 

Pennsylvania State University. DCANADA is the natural logarithm of the shortest distance from the county center to the Canadian border. 

LIFEEXP is the county-level average life expectancy for both males and females based on data from Institute of Health Metrics and 

Evaluations (IHME). TRANSPARENT is the firm-level transparency measure based on Hutton et al. (2009), measured as the three-year 

moving average of the absolute value of discretionary accruals from the modified Jones model (Dechow et al. 1995), multiplied by negative 

one. CONSMKT is the firm-specific intercept from a regression of book-to-market on current and lagged annual returns, multiplied by 

negative one (Beaver and Ryan 2000). CSCORE is the firm-year measure of accounting conservatism obtained based on the specification in 

Khan and Watts (2009). AGGREGATE is the aggregate measure of conservatism based on the average of decile ranks of the three measures 

of conservatism. All other variables are defined in the Appendix in Table A1. We include industry-year fixed effects but omit the results. 

The t-statistics based on firm cluster robust standard errors are in parentheses. 
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TABLE 5 

County-Level Social Capital and Accounting Conservatism: Propensity Score Matching 

Dependent variable: TRANSPARENT CONSMKT CSCORE AGGREGATE 

 (1) (2) (3) (4) 

SCAPITAL 0.010*** 0.042*** 0.002** 0.160*** 

 (2.73) (3.50) (2.10) (4.68) 

SIZE 0.025*** 0.032*** -0.038*** -0.177*** 

 (19.88) (8.40) (-90.98) (-13.20) 

MTB -0.011*** 0.044*** 0.005*** 0.135*** 

 (-11.82) (26.38) (18.81) (20.84) 

LEV 0.073*** -0.015 0.038*** 0.977*** 

 (5.75) (-0.40) (11.04) (8.46) 

SALESG -0.024*** -0.018** 0.003** -0.097*** 

 (-3.76) (-2.28) (2.02) (-3.06) 

R&D 0.009* 0.015*** 0.000 0.077*** 

 (1.77) (3.13) (0.03) (3.16) 

ADVERT -0.276*** -0.004 -0.052** -1.034 

 (-2.79) (-0.01) (-2.30) (-1.28) 

SALESVOL -0.173*** -0.042*** -0.001 -0.807*** 

 (-14.87) (-2.60) (-0.69) (-13.55) 

CFO 0.182*** -0.126*** -0.017*** -0.046 

 (7.20) (-3.47) (-3.35) (-0.34) 

LITIGATION -0.039*** 0.043 -0.003 -0.157* 

 (-3.58) (1.57) (-1.55) (-1.81) 

RELIGION 0.019 0.034 -0.010** 0.090 

 (1.09) (0.67) (-2.23) (0.57) 

POPULATION -0.001 0.016 0.003*** 0.057* 

 (-0.34) (1.59) (3.52) (1.81) 

INCOME -0.011 0.096** 0.009** 0.314** 

 (-0.73) (2.23) (2.30) (2.29) 

COUNTYAGE -0.000 -0.164 -0.016* -0.507 

 (-0.01) (-1.58) (-1.78) (-1.51) 

EDUCATION -0.015 -0.073* -0.007* -0.341*** 

 (-1.08) (-1.80) (-1.90) (-2.69) 

Intercept -0.220 -1.017* 0.126*** 2.833* 

 (-1.23) (-1.91) (2.93) (1.65) 

Industry fixed effects Yes Yes Yes Yes 

Year fixed effects Yes Yes Yes Yes 

Adjusted R2 0.318 0.261 0.669 0.176 

Number of observations 17,256 17,256 17,256 17,256 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains results of regressions testing the effects of county-level social capital on accounting conservatism using OLS regressions 

and a propensity-score matched sample. We require a one-to-one match without replacement. Treatment and control groups are defined 

based on the median value of SCAPITAL in a given year. SCAPITAL is the county-level measure of social capital based on data from 

Northeast Regional Center for Rural Development (NRCRD) at Pennsylvania State University. TRANSPARENT is the firm-level 

transparency measure based on Hutton et al. (2009), measured as the three-year moving average of the absolute value of discretionary 

accruals from the modified Jones model (Dechow et al. 1995), multiplied by negative one. CONSMKT is the firm-specific intercept from a 

regression of book-to-market on current and lagged annual returns, multiplied by negative one (Beaver and Ryan 2000). CSCORE is the 

firm-year measure of accounting conservatism obtained based on the specification in Khan and Watts (2009). AGGREGATE is the aggregate 

measure of conservatism based on the average of decile ranks of the three measures of conservatism. All other variables are defined in the 

Appendix in Table A1. We include industry and year fixed effects but omit the results. The t-statistics based on firm cluster robust standard 

errors are in parentheses. 
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TABLE 6 

County-Level Social Capital and Accounting Conservatism: Asymmetric Timeliness Model 

Dependent variable: ETP Pooled OLS Pooled OLS IV second stage 

 (1) (2) (3) 

 Coefficient t-statistic Coefficient t-statistic Coefficient t-statistic 

RETURN -0.043 -9.17*** -0.073 -3.23*** -0.088 -3.44*** 

NEG -0.005 -2.63*** 0.001 0.09 0.004 0.32 

NEG × RETURN 0.220 30.02*** 0.346 10.52*** 0.412 11.08*** 

SCAPITAL 0.006 3.62*** 0.003 1.50 0.012 3.09*** 

SCAPITAL × RETURN -0.008 -1.77* -0.008 -1.73* -0.017 -1.97** 

SCAPITAL × NEG 0.001 0.58 0.002 1.00 0.004 0.86 

SCAPITAL × RETURN × NEG 0.017 2.41** 0.017 2.58** 0.058 4.32*** 

SIZE   0.017 19.70*** 0.017 19.40*** 

SIZE × RETURN   0.011 5.41*** 0.011 5.48*** 

SIZE × NEG   0.001 0.62 0.001 0.58 

SIZE × RETURN × NEG   -0.036 -12.08*** -0.037 -12.18*** 

MTB   -0.004 -8.75*** -0.004 -8.86*** 

MTB × RETURN   -0.004 -3.98*** -0.004 -3.93*** 

MTB × NEG   -0.000 -0.71 -0.001 -0.77 

MTB × RETURN × NEG   0.002 0.90 0.001 0.73 

LEV   -0.033 -3.69*** -0.033 -3.64*** 

LEV × RETURN   -0.027 -1.23 -0.028 -1.26 

LEV × NEG   -0.007 -0.67 -0.007 -0.66 

LEV × RETURN × NEG   0.094 3.03*** 0.099 3.15*** 

LITIGATION   -0.050 -11.06*** -0.050 -11.04*** 

LITIGATION × RETURN   -0.026 -3.25*** -0.026 -3.23*** 

LITIGATION × NEG   -0.006 -1.55 -0.007 -1.66* 

LITIGATION × RETURN × NEG   0.015 1.23 0.012 0.98 

RELIGION   0.029 2.60*** 0.014 1.15 

RELIGION × RETURN   0.057 1.97** 0.072 2.22** 

RELIGION × NEG   -0.009 -0.68 -0.012 -0.80 

RELIGION × RETURN × NEG   -0.108 -2.57** -0.175 -3.74*** 

Intercept 0.038 21.97*** -0.063 -6.55***   

Industry-year fixed effects Yes Yes Yes 

Adjusted R2 0.144 0.240 0.163 

Kleibergen-Paap F-statistic   69.701 

Hansen J-statistic   99.241 

p-value   0.000 

Number of observations 51,187 51,187 51,187 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains results of regressions testing the effects of county-level social capital on accounting conservatism based on the Basu 

(1997) model. SCAPITAL is the county-level measure of social capital based on the data from Northeast Regional Center for Rural 

Development (NRCRD) at Pennsylvania State University. RETURN is market-adjusted returns over the past 12 months ending three months 

after the fiscal year end. NEGATIVE is an indicator variable equal to 1 if returns are negative, and zero otherwise. All other variables are 

defined in the Appendix in Table A1. We include industry-year fixed effects but omit the results. The t-statistics based on firm cluster robust 

standard errors are in parentheses. 
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TABLE 7 

Social Capital and Accounting Conservatism: Alternative Measures of Social Capital And Headquarters Relocation Quasi-

Experiment 

 Dependent variable: AGGREGATE 

Social capital measure: Untransformed 

SCAPITAL 

Linearly interpolated 

SCAPITAL 

Organ donation 

ORGDONATE 

Untransformed 

SCAPITAL 

Specification: Reduced sample Full sample Full sample Headquarters 

relocation 

 (1) (2) (3) (4) 

SCAPITAL 0.118*** 0.133*** 0.007***  

 (4.29) (5.49) (3.46)  

SC_INCREASE    -0.186* 

    (-1.65) 

POST    -0.034 

    (-0.41) 

SC_INCREASE × POST    0.339*** 

    (2.60) 

SIZE -0.195*** -0.169*** -0.168*** -0.149*** 

 (-19.15) (-18.71) (-18.66) (-7.17) 

MTB 0.133*** 0.129*** 0.130*** 0.249*** 

 (20.26) (27.98) (28.16) (14.37) 

LEV 1.069*** 0.930*** 0.918*** 0.640*** 

 (11.08) (11.84) (11.65) (3.40) 

SALESG -0.064 -0.103*** -0.101*** 0.167** 

 (-1.50) (-5.54) (-5.41) (2.56) 

R&D 0.106*** 0.094*** 0.096*** 0.062 

 (4.68) (6.43) (6.54) (1.31) 

ADVERT -0.913 -0.825 -0.761 0.231 

 (-1.29) (-1.43) (-1.32) (0.15) 

SALESVOL -0.845*** -0.860*** -0.868*** -0.828*** 

 (-13.65) (-22.13) (-22.30) (-7.77) 

CFO -0.014 -0.049 -0.054 0.579** 

 (-0.11) (-0.52) (-0.57) (2.01) 

LITIGATION -0.182*** -0.184*** -0.181*** 0.021 

 (-2.81) (-3.11) (-3.05) (0.17) 

County-level controls Yes Yes Yes Yes 

Industry-year fixed effects Yes Yes Yes Yes 

Adjusted R2 0.211 0.197 0.196 0.300 

Number of observations 9,708 51,187 51,187 4,422 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains results of using alternative proxies of social capital and headquarters relocation quasi-experimental setting regressions. 

In column (1), we estimate our baseline models using only the years for which we have available data on SCAPITAL (i.e. 1997, 2005, 2009, 

2014). In column (2), we use linearly interpolated values of SCAPITAL. SCAPITAL is the county-level measure of social capital based on 

data from Northeast Regional Center for Rural Development (NRCRD) at Pennsylvania State University. In column (3), we use 

ORGDONATE as an alternative proxy for social capital. ORGDONATE is the state-level measure of organ donation, calculated as total 

number of organ donors per 1,000 residents in a state. In column (4), we use the headquarters relocation as a quasi-experiment setting and 

estimate a diff-in-diff analysis (see section 4.7). AGGREGATE is the aggregate measure of conservatism based on the average of decile ranks 

of the three measures of conservatism. SC_INCREASE equals one (zero) if the firm relocates its headquarters to a county with higher (lower) 

social capital. POST equals one for years after headquarters relocation, and zero otherwise. All other variables are defined in the Appendix 

in Table A1. We include industry-year fixed effects but omit the results. The t-statistics based on firm cluster robust standard errors are in 

parentheses. 
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TABLE 8 

Social Capital and Board’s Hiring Decisions 

Panel A: Social capital and preference for managers with a proven accounting conservatism record 

Dependent variable: PICKED PICKED 

 (1) (2) 

OLD_CONSERV -0.041 -0.034 

 (-0.60) (-0.46) 

NEW_SC -0.998*** -0.740* 

 (-2.65) (-1.73) 

OLD_CONSERV × NEW_SC 0.181*** 0.153** 

 (2.66) (2.01) 

OLD_SIZE 0.268*** 0.267*** 

 (6.34) (6.44) 

OLD_RETURN -0.515** -0.514** 

 (-1.99) (-1.99) 

CEO 0.601*** 0.586*** 

 (4.50) (4.36) 

CFO -0.609*** -0.584*** 

 (-3.15) (-3.03) 

EXEC_AGE -0.072*** -0.067*** 

 (-9.81) (-9.12) 

EXEC_FEMALE -0.586** -0.565** 

 (-2.21) (-2.14) 

SAME_INDUSTRY  2.416*** 

  (20.80) 

SAME_STATE  1.424*** 

  (11.12) 

Year fixed effects Yes Yes 

Pseudo R2 0.031 0.123 

Number of observations 352,000 352,000 

Panel B: Social capital and preference for managers born or raised in states with high social capital 

 Dependent variable: FIRM_SCAPITAL 

Hiring decision: CEO CFO Other executives Out-of-state hires 

 (1) (2) (3) (4) 

EXEC_SCAPITAL 0.285*** 0.346*** 0.305*** 0.075*** 

 (9.83) (9.53) (19.39) (6.60) 

Intercept -0.071 0.354 -0.220 -0.266 

 (-0.27) (0.86) (-0.83) (-0.95) 

Industry fixed effects Yes Yes Yes Yes 

Year fixed effects Yes Yes Yes Yes 

Adjusted R2 0.119 0.157 0.148 0.060 

Number of observations 2,379 1,506 11,001 10,315 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

Panel A of this table analyzes whether firms in counties with high social capital tend to hire managers from firms with proven records of 

accounting conservatism. It presents the test results showing how accounting conservatism affects decisions to hire CEOs as described in 

section 4.8. By manually analyzing CEO turnover data for our sampled firms, we first determine which ones involve hiring a top executive 

from another firm. We identify 352 cases for CEOs with non-missing observations for our key variable. We then follow Bouwman (2011) 

and randomly assign 999 executives to each of these hiring cases from a large list of all available executives from the Execucomp database 

one year prior to the turnover. This yields a sample of 352,000 potential CEOs for a given firm. The determinants of the hiring decision are 

as in Bouwman (2011). PICKED equals 1 if the manager is picked as the CEO, and zero otherwise. OLD_CONSERV is the candidate’s 

previous firm’s total aggregate conservatism score. NEW_SC is SCAPITAL surrounding the headquarters of the hiring firm. SCAPITAL is 

the county-level measure of social capital based on data from Northeast Regional Center for Rural Development (NRCRD) at Pennsylvania 

State University. OLD_SIZE is the size of the candidate’s previous firm. OLD_RETURN is the candidate’s previous firm’s return over the 

previous 12 months. CEO equals one if the candidate served as the CEO in the previous firm, and zero otherwise. CFO equals one if the 

candidate served as the CFO in the previous firm, and zero otherwise. EXEC_AGE is the candidate’s age in years. EXEC_FEMALE equals 

one if the candidate is a female, and zero otherwise. SAME_INDUSTRY equals one if the candidate comes from the same industry as the 

firm, and zero otherwise. SAME_STATE equals one if the candidate comes from the same state as the firm, and zero otherwise. Panel B 

presents logit regressions on the likelihood of hiring executives born or raised in states with high social capital by firms headquartered in 

states with high social capital. FIRM_SCAPITAL is average social capital in the state where the firm is headquartered. EXEC_SCAPITAL is 

average social capital in the state where the executive was born or raised. The t-statistics based on firm cluster robust standard errors are in 

parentheses. 
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TABLE 9 

County-Level Social Capital and Corporate Reporting Culture 

Dependent variable: ACCURACY WRITEOFF UNCERTAIN FILESIZE BOGINDEX 

 (1) (2) (3) (4) (5) 

SCAPITAL 0.001* -0.091** -0.025** -0.744*** -0.035*** 

 (1.86) (-2.29) (-1.99) (-5.63) (-4.27) 

SIZE 0.004*** -0.021 0.064*** 0.614*** 0.119*** 

 (15.10) (-1.44) (15.57) (13.86) (42.95) 

MTB -0.000 -0.007 -0.006*** -0.104*** -0.018*** 

 (-1.39) (-0.65) (-2.87) (-4.71) (-12.68) 

LEV -0.017*** 1.439*** 0.181*** 2.216*** 0.610*** 

 (-10.69) (9.27) (4.76) (6.01) (24.35) 

SALESG 0.006*** -0.228*** -0.007 0.216*** -0.004 

 (7.94) (-2.62) (-0.65) (2.65) (-0.61) 

R&D 0.002*** -0.234*** 0.002 0.318*** -0.019*** 

 (5.47) (-4.48) (0.33) (4.58) (-4.33) 

ADVERT -0.033*** 1.690 0.269 -28.845*** 0.451*** 

 (-3.45) (1.63) (1.01) (-10.19) (2.77) 

SALESVOL -0.009*** 0.907*** 0.165*** 2.192*** 0.136*** 

 (-7.22) (7.57) (8.35) (12.00) (11.17) 

CFO 0.034*** -3.716*** -0.371*** -5.587*** -0.552*** 

 (11.13) (-14.83) (-8.12) (-12.93) (-20.31) 

LITIGATION -0.001 0.544*** 0.152*** 3.196*** 0.125*** 

 (-1.36) (5.08) (5.70) (10.81) (7.18) 

NANALYSTS 0.003***     

 (7.64)     

HORIZON -0.000***     

 (-17.41)     

Intercept -0.074*** 0.430 2.878*** 65.435*** 11.798*** 

 (-3.23) (0.21) (4.65) (10.38) (30.41) 

County-level controls Yes Yes Yes Yes Yes 

Industry-year fixed effects Yes Yes Yes Yes Yes 

Adjusted R2 0.193 0.064 0.088 0.422 0.362 

Number of observations 39,940 50,531 47,440 47,440 47,440 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains results of regressions testing how county-level social capital affects corporate reporting culture and information 

withholding. SCAPITAL is the county-level measure of social capital based on data from Northeast Regional Center for Rural Development 

(NRCRD) at Pennsylvania State University. ACCURACY is the absolute value of the forecast error multiplied by negative one and scaled by 

the stock price at the end of the prior fiscal year, where the forecast error is the I/B/E/S analysts’ mean annual earnings forecast less the 

actual earnings as reported by I/B/E/S (Lang et al. 2012). WRITEOFF is defined as follows: for a negative special item, when the ratio of its 

absolute value to total assets at the beginning of the year exceeds 1%, then the variable takes the value of the ratio, otherwise the variable 

equals zero (Haggard et al. 2015). UNCERTAIN is the total number of uncertain, negation, modal-weak, and litigious words divided by total 

words in the 10-K annual report, multiplied by 100. FILESIZE is the natural logarithm of file size in kilobytes. BOGINDEX is the plain 

English readability metric for 10-K annual reports developed by Bonsall et al. (2017). All other variables are defined in the Appendix in 

Table A1. We include industry-year fixed effects but omit the results. The t-statistics based on firm cluster robust standard errors are in 

parentheses. 
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TABLE 10 

County-Level Social Capital and Firm Risk 

Panel A: OLS regressions 

Dependent variable: SDRETURN SDRETURN IDIOVOL IDIOVOL SDROA SDROA 

 (1) (2) (3) (4) (5) (6) 

SCAPITAL -0.002*** -0.001*** -0.004*** -0.003*** -0.003*** -0.003*** 

 (-5.19) (-4.23) (-6.17) (-5.82) (-3.48) (-3.02) 

SIZE -0.008*** -0.009*** -0.011*** -0.013*** -0.009*** -0.010*** 

 (-63.64) (-77.64) (-56.86) (-71.09) (-24.05) (-28.35) 

MTB 0.001*** 0.001*** 0.002*** 0.002*** 0.006*** 0.005*** 

 (15.35) (16.07) (16.86) (18.04) (19.75) (19.68) 

LEV 0.006*** 0.004*** 0.001 -0.000 -0.038*** -0.039*** 

 (5.29) (4.43) (0.55) (-0.12) (-10.60) (-11.02) 

SALESG 0.000 -0.001*** 0.004*** 0.002*** 0.009*** 0.006*** 

 (0.09) (-3.36) (7.75) (3.84) (4.32) (3.27) 

R&D -0.001** -0.001*** -0.000 -0.000 0.006*** 0.005*** 

 (-2.51) (-4.54) (-0.03) (-1.36) (3.87) (3.57) 

ADVERT 0.034*** 0.007 0.050*** 0.021** 0.149*** 0.125*** 

 (4.71) (1.14) (3.99) (1.96) (5.04) (4.30) 

SALESVOL 0.018*** 0.010*** 0.028*** 0.019*** 0.080*** 0.073*** 

 (23.24) (16.80) (26.07) (20.41) (23.20) (20.84) 

CFO -0.044*** -0.040*** -0.037*** -0.036*** -0.137*** -0.136*** 

 (-27.35) (-31.39) (-15.60) (-16.87) (-18.88) (-18.99) 

LITIGATION 0.009*** 0.005*** 0.015*** 0.011*** 0.022*** 0.018*** 

 (10.66) (6.93) (10.94) (8.72) (8.89) (7.52) 

MVOLUME  0.000***  0.000***  0.000*** 

  (58.74)  (50.26)  (15.92) 

SKRETURN  0.005***  0.004***  0.003*** 

  (38.51)  (22.08)  (6.69) 

KURETURN  0.002***  0.000***  -0.000** 

  (54.88)  (9.19)  (-2.20) 

Intercept 0.113*** 0.115*** 0.187*** 0.207*** 0.019 0.042 

 (6.44) (8.09) (6.06) (7.76) (0.35) (0.77) 

County-level controls Yes Yes Yes Yes Yes Yes 

Industry-year fixed effects Yes Yes Yes Yes Yes Yes 

Adjusted R2 0.572 0.705 0.562 0.632 0.354 0.366 

Number of observations 51,187 51,182 51,174 51,169 51,154 51,149 

Panel B: Mediation analysis 

Dependent variable: SDRETURN SDRETURN IDIOVOL IDIOVOL SDROA SDROA 

Effect Total effect Direct/Indirect 

effects 

Total effect Direct/Indirect 

effects 

Total effect Direct/Indirect 

effects 

 (1) (2) (3) (4) (5) (6) 

Direct effect of SCAPITAL -0.030*** -0.026*** -0.053*** -0.045*** -0.025*** -0.014* 

 (-4.82) (-4.27) (-6.28) (-5.41) (-3.29) (-1.76) 

Indirect effect of CONS  -0.004***  -0.009***  -0.012*** 

  (-4.94)  (-5.27)  (-5.29) 

Percent of total effect explained  12.45%  15.96%  46.46% 

Firm and County controls Yes Yes Yes Yes Yes Yes 

Industry-year fixed effects Yes Yes Yes Yes Yes Yes 

Number of observations 51,187 51,182 51,174 51,169 51,154 51,149 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains results of regressions testing how county-level social capital affects stock volatility, idiosyncratic risk, standard deviation 

of earnings. Panel A presents results for OLS regression while panel B contains results for mediation analysis. SDRETURN is the standard 

deviation of weekly returns over the previous 52 weeks ending three months after the fiscal year end. IDIOVOL is the standard deviation of 

factor-adjusted returns over the prior 36 months ending three months after the fiscal year. SDROA is the standard deviation of return-on-

assets over the current and previous two years. SCAPITAL is the county-level measure of social capital based on data from Northeast Regional 

Center for Rural Development (NRCRD) at Pennsylvania State University. In panel B, CONS represents the aggregate reporting culture 

measure defined in section 3.1.4. All other variables are defined in the Appendix in Table A1. We include industry-year fixed effects but 

omit the results. The t-statistics based on firm cluster robust standard errors are in parentheses. In panel B, standardized coefficients are 

reported instead of point estimates. 
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Appendix A 

TABLE A1 

Variable Definitions 

Variable Definition 

Conservatism measures  

TRANSPARENT Firm-level transparency measure based on Hutton et al. (2009), measured as the three-year moving average 

of the absolute value of discretionary accruals from the modified Jones model (Dechow et al. 1995), 

multiplied by negative one. 

CONSMKT Firm-specific intercept from a regression of book-to-market on current and lagged annual returns, multiplied 

by negative one (Beaver and Ryan 2000). 

CSCORE Firm-year measure of accounting conservatism obtained based on the specification in Khan and Watts (2009). 

AGGREGATE Aggregate measure of conservatism based on the average of decile ranks of the three measures of 

conservatism. 

Firm characteristics  

SIZE Natural logarithm of market value of equity. 

MTB Market-to-book ratio, calculated as market value of equity divided by book value of equity. 

LEV Short-term debt plus long-term debt divided by total assets. 

SALESG Year-over-year sales growth. 

R&D Research and development expense divided by sales. 

ADVERT Advertisement expense divided by sales. 

SALESVOL Sales volatility, calculated as the standard deviation of sales over the previous five years. 

CFO Cash flow from operations divided by average total assets. 

LITIGATION Equals one if the firm is in a high litigation industry (SIC codes: 2833-2836, 3570-3577, 3600-3674, 5200-

5961, and 7370-7374), and zero otherwise 

County characteristics  

SCAPITAL SCAPITAL is the county-level measure of social capital based on data from Northeast Regional Center for 

Rural Development (NRCRD) at Pennsylvania State University. 

ORGDONATE State-level measure of organ donation, calculated as total number of organ donors per 1,000 residents in a 

state. 

RELIGION Fraction of county’s population that claims to adhere to an organized religion based on data from Association 

of Religion Data Archives (ARDA). 

POPULATION Natural logarithm of county-level total population based on data from U.S Census Bureau. 

INCOME Natural logarithm of median household income in a county based on data from U.S Census Bureau. 

COUNTYAGE Natural logarithm of median age of county’s residents based on data from U.S Census Bureau. 

EDUCATION Natural logarithm of fraction of county’s population that has completed at least one year of college based on 

data from U.S. Census Bureau. 

LIFEEXP County-level average life expectancy for both males and females based on data from Institute of Health 

Metrics and Evaluations (IHME). 

DCANADA Natural logarithm of the shortest distance from the county center to the Canadian border. 

Reporting culture measures  

ACCURACY The absolute value of the forecast error multiplied by negative one and scaled by the stock price at the end 

of the prior fiscal year, where the forecast error is the I/B/E/S analysts’ mean annual earnings forecast less 

the actual earnings as reported by I/B/E/S (Lang et al. 2012). 

NANALYSTS Number of analysts following a firm based on data from I/B/E/S. 

HORIZON Median forecast horizon, where forecast horizon is the difference between the date of the most recent analyst 

forecast and the actual earnings announcement date based on data from I/B/E/S. 

WRITEOFF For a negative special item, when the ratio of its absolute value to total assets at the beginning of the year 

exceeds 1%, then the variable takes the value of the ratio, otherwise the variable equals zero (Haggard et al. 

2015). 

UNCERTAIN Total number of uncertain, negation, modal-weak, and litigious words divided by total words in the 10-K 

annual report, multiplied by 100. For definitions and example of relevant word lists, see Software Repository 

for Accounting and Finance: https://sraf.nd.edu/textual-analysis/resources/ 

FILESIZE Natural logarithm of file size in kilobytes. 
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BOGINDEX A plain English readability metric for 10-K annual reports developed by Bonsall et al. (2017). 

Firm risk measures  

SDRETURN Standard deviation of weekly returns over the previous 52 weeks ending three months after the fiscal year 

end. 

IDIOVOL Standard deviation of factor-adjusted returns over the previous 36 months ending three months after the fiscal 

year end. 

SDROA Standard deviation of return-on-assets over the current and previous two years. 

Additional controls  

SKRETURN Skewness of weekly returns over the previous 52 weeks ending three months after the fiscal year end. 

KURETURN Kurtosis of weekly returns over the previous 52 weeks ending three months after the fiscal year end. 

MVOLUME Average weekly volume over the previous 52 weeks 
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TABLE A2 

Univariate Tests for Propensity-Score Matched Sample 

 High Social Capital 

(Treatment) 

Low Social Capital 

(Control) 

Difference t-statistic 

Conservatism measures     

TRANSPARENT -0.203 -0.215 0.012*** 3.71 

CONSMKT 0.027 -0.015 0.042*** 7.25 

CSCORE 0.081 0.080 0.001 0.73 

AGGREGATE 5.608 5.478 0.131*** 6.13 

Firm characteristics     

SIZE 5.979 5.955 0.024 0.76 

MTB 2.883 2.904 -0.021 -0.50 

LEV 0.209 0.211 -0.002 -0.61 

SALESG 0.121 0.123 -0.002 -0.44 

R&D 0.185 0.210 -0.025* -1.81 

ADVERT 0.010 0.010 -0.000 -0.83 

SALESVOL 0.289 0.294 -0.005 -1.16 

CFO 0.059 0.056 0.003 1.13 

LITIGATION 0.334 0.338 -0.003 -0.47 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains the univariate tests for the sample. Counties with high (low) social capital are firm-year observations above (below) 

median of SCAPITAL, where SCAPITAL is the county-level measure of social capital based on data from Northeast Regional Center for 

Rural Development (NRCRD) at Pennsylvania State University. All variables are defined in the Appendix in Table A1. 
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TABLE A3 

Univariate Tests for Headquarters Relocation Test – Statistics Based on One Year Prior to Relocation 

 SC_INCREASE = 0 

(Control) 

SC_INCREASE = 1 

(Treatment) 

Difference t-statistic 

Conservatism measures     

AGGREGATE 5.378 5.552 -0.174 -1.01 

Firm characteristics     

SIZE 6.220 6.179 0.041 0.18 

MTB 2.689 3.149 -0.459 -1.33 

LEV 0.204 0.174 0.030 1.30 

SALESG 0.131 0.067 0.065 1.21 

R&D 0.117 0.167 -0.050 -0.62 

ADVERT 0.005 0.005 -0.000 -0.20 

SALESVOL 0.316 0.298 0.018 0.48 

CFO 0.073 0.061 0.011 0.65 

LITIGATION 0.268 0.452 -0.184*** -3.06 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains the univariate tests for the sample. SC_INCREASE equals one (zero) if the firm relocates its headquarters to a county 

with higher (lower) social capital. POST equals one for years after headquarters relocation, and zero otherwise. All variables are defined in 

the Appendix in Table A1. 
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TABLE A4 

County-Level Social Capital and Accounting Conservatism: The Effect of Civic Norms and Density of Social Networks 

Dependent variable: AGGREGATE AGGREGATE AGGREGATE AGGREGATE 

 (1) (2) (3) (4) 

SCAPITAL 0.128***    

 (5.47)    

CIVICNORMS  0.070***  0.084*** 

  (3.64)  (4.32) 

SNETWORKS   0.077*** 0.101*** 

   (3.19) (4.12) 

SIZE -0.160*** -0.158*** -0.161*** -0.160*** 

 (-18.73) (-18.49) (-18.73) (-18.71) 

MTB 0.079*** 0.079*** 0.079*** 0.079*** 

 (18.96) (19.05) (19.06) (18.95) 

LEV 1.078*** 1.073*** 1.070*** 1.078*** 

 (14.52) (14.42) (14.36) (14.53) 

SALESG -0.104*** -0.104*** -0.102*** -0.104*** 

 (-5.73) (-5.74) (-5.63) (-5.75) 

R&D 0.069*** 0.069*** 0.069*** 0.069*** 

 (4.97) (4.99) (4.99) (4.98) 

ADVERT -1.082** -0.979* -1.107** -1.048* 

 (-2.00) (-1.81) (-2.05) (-1.93) 

SALESVOL -0.899*** -0.903*** -0.906*** -0.898*** 

 (-23.92) (-24.05) (-24.10) (-23.92) 

CFO -0.078 -0.091 -0.076 -0.080 

 (-0.88) (-1.03) (-0.86) (-0.91) 

LITIGATION -0.207*** -0.213*** -0.208*** -0.208*** 

 (-3.68) (-3.77) (-3.69) (-3.69) 

RELIGION 0.147 0.243** 0.194* 0.152 

 (1.36) (2.28) (1.78) (1.39) 

POPULATION 0.023 -0.001 -0.007 0.026 

 (1.32) (-0.08) (-0.41) (1.46) 

INCOME 0.081 -0.186** 0.027 0.026 

 (0.82) (-2.03) (0.25) (0.25) 

COUNTYAGE -0.153 0.042 0.115 -0.150 

 (-0.67) (0.19) (0.51) (-0.65) 

EDUCATION -0.174** 0.051 -0.063 -0.150* 

 (-2.07) (0.73) (-0.74) (-1.74) 

Intercept 5.508*** 8.166*** 5.629*** 6.058*** 

 (4.52) (6.80) (4.30) (4.64) 

Industry-year fixed effects Yes Yes Yes Yes 

Adjusted R2 0.197 0.196 0.195 0.197 

Number of observations 51,187 51,187 51,187 51,187 

***, **, * Denote statistical significance at the 0.01, 0.05, and 0.10 levels (two-tailed), respectively. 

This table contains results of regressions testing the effects of county-level social capital on accounting conservatism using OLS regressions. 

SCAPITAL is the county-level measure of social capital based on data from Northeast Regional Center for Rural Development (NRCRD) at 

Pennsylvania State University. CIVICNORMS is the first principal component from a factor analysis based on voter turnout in presidential 

elections (PVOTE) and response rates to U.S. Census surveys (RESPN). SNETWORKS is the first principal component from a factor analysis 

based the total number of nonprofit organizations (NCCS), and the total number of 10 types of social organizations for all U.S. counties 

(ASSN) AGGREGATE is the aggregate measure of conservatism based on the average of decile ranks of the three measures of conservatism. 

All other variables are defined in the Appendix in Table A1. We include industry-year fixed effects but omit the results. The t-statistics based 

on firm cluster robust standard errors are in parentheses. 

 


